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Pricing requires a strategy. Econo-
mists have created, identified, 
and studied many strategies that 
go by various names: two-part 

pricing, multi-part pricing, price dis-
crimination, peak-load pricing, and con-
gestion pricing to mention a few. All of 
these have two parts:

1) a structure – such as one-part, two-
part, and discrimination for different 
groups;

2) a level (or set of levels) within the 
structure – what actually will be 
charged.

Numerous books and articles focus on 
the structure part and much of practitio-
ners’ efforts are on structure. They an-
swer the question: “How should I price?”

But the ultimate practical pricing ques-
tion is the level question: “What do I 
charge?” A product manager needs to 
know not just how to price (a structure) 
but also what to charge (the level) for a 
new or existing product to meet a com-
petitive price move or allow for changing 
economic and market conditions. 

A public policymaker similarly needs to 
know the best price (the level) for a pub-
lic service, such as a transportation or 
water service, or how much tax to add 
to a consumer good, such as automotive 
gasoline or cigarettes, which effectively 
changes the market price.

The question of what to charge – the 
level – cannot be answered casually. One 
cannot simply choose a price since too 
much rests on it. Detailed research is 
needed to determine the level and, not 
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 Although there are multiple methods 

and recommendations available for 

developing pricing strategies, in the end 

pricers must have a number – the price 

to charge, or the level within the pricing 

structure. The only way to determine 

that best price level, as the author ex-

plains, is through quantitative pricing 

research, which uses detailed research 

to determine the level and, more im-

portantly, its effect on revenue. Walter 
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to be downplayed, its effect on revenue 
or some other relevant quantity such as 
contribution, market share, customer 
retention or acquisition, and cash flow. 
This is quantitative pricing research.

Quantitative pricing research thus has 
two parts:

1) level determination;

2) effect assessment.

Price Level Determination
There are two broad research approach-
es, sometimes used in combination, to 
determine a price level: qualitative and 
quantitative research. These are illustrat-
ed in Figure 1.

Qualitative research consists of fo-
cus groups, in-depth interviews, expert 
opinions, and managerial judgments. 
They provide insight into what can be 
charged, but they suffer from several 
drawbacks. First, they are not scientifi-
cally based, meaning that samples are 
not selected following sample design 
principles. This could, and probably will, 
lead to biases in determining the level, 
perhaps reflecting the opinions of a vo-
cal minority. Second, the results may not 
be reproducible by others, a major issue 
with public policy pricing. Third, there is 
no theoretical framework that guides the 
research – what’s the basis for evaluating 
significance? And finally, effects cannot 
be determined because statistical models 
are not used.

This last point requires some explana-
tion. Remember, there are two parts to 
quantitative pricing research: level de-
termination and effect assessment. The 
latter relies on the economic concept of 
a price elasticity, also called price sen-
sitivity. An elasticity shows how much 
something (for example, quantity bought 
or revenue earned) changes when price 
changes. It’s the cornerstone of effect as-
sessment. 

Elasticities can only be obtained from 
detailed data and advanced statistical 
and econometric models. Focus groups, 
in-depth interviews, expert opinions, and 

managerial judgments cannot provide 
them. And without elasticities, assess-
ment is impossible.

Quantitative research uses observation-
al or experimental data collected fol-
lowing sampling or design principles, 
fundamental data analysis, and models 
based on the basic economic paradigm 
of consumer demand. Statistical models 
based on observational data, data mea-
suring actual consumer purchase behav-
ior without any interference by the pric-

ing analyst, are either econometric or 
time series models. 

Those based on experimental data, data 
collected via an experimental design and 
following experimental protocols, are 
either conjoint or discrete choice mod-
els. Models allow reproducibility since 
anyone with the same data would get the 
same answers. Data analysis, aside from 
what is fundamentally used in model 
building, includes methods to identify 
correlations, patterns, and trends.

Figure 1: General Pricing Approaches
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Qualitative and quantitative research can 
support one another at different stages of 
the overall research process. Qualitative 
research can provide information and 
insight into factors other than price that 
drive or determine demand which could 
then be used in the quantitative research. 
It can also be done after the quantita-
tive to support or give credibility to the 
quantitative results by using, for exam-
ple, expert assessments. Likewise, quan-
titative research can be used to give cred-
ibility to qualitative results or support or 
bolster expert opinion.

But only quantitative research, based on 
observational or experimental data and 
using statistical models supported by 
consumer demand theory, provides price 
elasticities for effect assessment.

Observational Data 
Approaches
Observational data approaches are used 
when there is a data warehouse or data 
mart of transactions with details on 
items such as amount purchased, price 
paid, the characteristics of the consumers 
(e.g., demographics, shopping history), 
and sales and advertising history. 

For example, telecommunications com-
panies can gather detailed information 
on each subscriber regarding the number 
of minutes of a call, the type of call, the 
time-of-day and day-of-week of a call, 
where the call was placed to and the call-
ing plan subscribed to. 

In addition, detailed profiles of the con-
sumers are either maintained (e.g., bill-
ing history, address) or can be easily 
obtained either by sampling consum-
ers in the database or by purchasing 
demographic data that maps closely to 
customer characteristics (e.g., address). 
Scanner data is a major and popular 
source of observational information. If 
the database is especially large, which 
is often the case with data warehouses, 
sampling procedures are used to select a 
sample for analysis and modeling.

Classical regression models, economet-
ric and time series, are used with ob-
servational data. But these models run 

straight into four difficult and challeng-
ing data flaws:

t Multicollinearity
t Lack of variation
t Timeliness
t Existence

Because of how markets work, many 
key drivers of purchases are highly cor-
related leading to the statistical prob-
lem known as multicollinearity. Sim-
ply put, some variables are redundant so 
that software cannot separate out which 
variables are effective – the higher the 
correlations, the more the redundancy 
and the less able the software is to distin-
guish one variable from another. 

Also, some key drivers, especially price, 
may not vary in the market, especially 
for the period being studied. Variation 
is important because statistical mod-
els work only if there is variation in the 
data – without variation then there is 
nothing to estimate. 

Also, observational data may be ”old” 
– if the data are, for example, monthly 
for five years, much of it may not reflect 

current market conditions, especially 
in markets such as computers and cell 
phones that change rapidly. 

Finally, because observational data are 
what actually exist (i.e., observed), price 
levels product managers may want to test 
may not be reflected in the data. How 
can anyone say how customers would re-
spond to prices they’ve never seen?

Experimental Data 
Approaches
Experimental data approaches are used 
when key drivers of purchases, especially 
price, are manipulated under controlled 

conditions. An experimental design de-
termines those conditions. Conjoint 
studies, discrete choice studies, and test 
markets are the main experimental ap-
proaches used to collect data. 

Statistical models are used to analyze ex-
perimental data just as they are used for 
observational data, but unlike observa-
tion data experimental data do not have 
the four flaws. The experimental designs 
ensure that key factors are not correlated 
and have sufficient variation. Also, by the 
nature of experimentation, hypothetical 
situations can be posed to customers to 
get their reactions, so timeliness and ex-
istence are not issues. For many pricing 
studies, experimental data approaches are 
far superior and highly recommended.

Price Effect Assessment
Once a model is estimated, the effect 
of a price level – actually, the effect of 
a change in the level – has to be deter-
mined. This is where the price elastic-
ity comes in. The elasticity quantifies 
the change in quantity sold for a change 
in the price; it’s simply a ratio of percent 
change in quantity over percent change 
in price. 

Because of the nature of demand, the 
two vary inversely. The larger the ratio 
(demand is relatively elastic), the more 
quantity changes relative to price chang-
es; the smaller it is (demand is relatively 
inelastic), the less quantity changes rela-
tive to price changes.

This has implications for revenue since it 
is just price times quantity. If demand is 
elastic, an increase in price lowers reve-
nue because more is lost in quantity than 
gained in price. Conversely, if demand is 
inelastic, an increase in price raises reve-
nue because more is gained in price than 
lost in quantity. The same logic could be 

Variation is important because statistical models work 
only if there is variation in the data – without variation 
then there is nothing to estimate. 
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used to quantify the effect on, for exam-
ple, contribution margin. A spreadsheet 
simulator can be easily built to test dif-
ferent price levels.

We could actually go even further. Sup-
pose during the model building stage, 
two (or more) groups or segments of 
customers are identified. Each group 
could have its own price elasticity. This 
could be advantageously used to design 
the price structure to allow for the seg-
ments. Different prices could be charged 
– the elastic segment would pay less; the 
inelastic segment would pay more. This 
is the price discrimination mentioned 
above.

Example
A database company allows lawyers to 
search laws and past rulings online. The 
company conducted a discrete choice 
study (a quantitative approach with an 
experimental design) of various pricing 
options for the online searches. 

The analysis revealed two groups of law 
firms: those with less than five attorneys 
and those with more than five. The small 
firms were highly price elastic while the 
large firms were highly inelastic. Because 
of this, the firm could price discriminate 
by charging small firms less per search to 
stimulate their demand while charging 
large firms more with little fear of losing 
their business. Its overall revenue would 
actually increase compared to what it 
would be if just one price was charged. 

A spreadsheet simulator using the two 
estimated elasticities enabled the online 
company to test different prices for the 
two groups and determine the best prices 
to charge (the levels).

Summary
Although there are more recommenda-

tions for pricing than we can imagine, 
in the end we must have a number – the 
price to charge. The only way to deter-
mine that best price level is through 
quantitative pricing research. Through 
this form of research, we:

1) collect observational or experimental 
data, although experimental is best;

2) build statistical models to estimate 

price elasticities;

3) build pricing simulators to assess the 
effect of different price levels on revenue 
or some other key business criteria.

All of these parts are illustrated in Fig-
ure 2.

Figure 2: The Quantitative Pricing Research Framework




