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I
n 2008, I read Jeff Fox’s book called 
The Dollarization Discipline. This 
was my first introduction to the sci-
ence and art of dollarizing compet-

itive advantage and differentiation. At 
that time, I was well versed in market-
ing and strategy and had basic knowl-
edge of pricing. 

Reading this book open my mind 
to the science of value-based pricing, 
value quantification, and dollarization. 
It was the beginning of a journey that 
has lasted 11 years so far. During this 
decade, I have studied and researched 
value-based pricing inside and out and 
have been deeply involved in design-
ing hundreds of quantified customer 
value models or EVE (Economic Val-
ue Estimation) models across various 
industries and regions (see Figure 1). 

The purpose of this short paper is to 
share best practices for EVE models 

with the pricing and marketing com-
munities. I call them my Golden Rules. 
These are the ten practices I frequently 
have to remind people to keep in mind 
when we dollarize and brainstorm on 
specific value drivers. This list is my 
list based on ten years of experience 
in dollarizing. It is not an exhaustive 
list by any means but it is a good start!

1. Contextualize your value mod-
el and quantify within the context: 
The context of your EVE sets the frame 
for the quantification work. That in-
cludes the customer, the customer 
segment, the geography, and the of-
fer under consideration. Groups often 
diverge and end up mixing up contexts 
across different value drivers within the 
same EVE model. So, from one value 
driver to another, the context changes. 
I often have to remind them to go back 
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Figure 1to page one of the templates we use and to 
refocus. The most common situation is to 
start the work with one customer in mind 
and then to be stuck when extrapolating to 
all customers during the value quantifica-
tion process. Stick with that one custom-
er only or that one customer segment. Ex-
trapolation and generalization come later 
in the value management process.

2. The unit of analysis and time of 
analysis need to match the customer’s 
daily business: On the same page one of 
the template, we discuss the unit of anal-
ysis and the time of analysis for the EVE 
model. This is where it often gets compli-
cated and groups have difficulties agree-
ing. Both components of the value model 
need to be set and kept the same across 
value drivers and for the duration of the 
group work. The unit of analysis matches 
the customer’s value metric (i.e. how do 
customers measure their costs, profit, or 
the outcome of their business). So if a cus-
tomer thinks in terms of vehicles that are 
produced, we cannot produce an EVE per 
tire. The same goes for the time of anal-
ysis. Some customers think in terms of 3 
to 5 year increments. Others might think 
in terms of the lifetime of the product they 
buy. Both unit and time of analysis need 
to reflect the customer way of doing busi-
ness and their vocabulary.

3. Never dollarize a product feature 
but always dollarize a customer benefit: 
I think I have repeated this golden rule one 
million times! The sequence is from prod-
uct attribute or characteristic to customer 
benefits to formula to quantification. So, 
if an engine goes 2500 RPM versus one 
that goes 2000, we do not dollarize the 
extra 500 RPM but the outcome benefits 
which might be increased yield or greater 
productivity. In product centric and man-
ufacturing environments, it is a hard habit 
to break. The translation of product com-
petitive advantage to customer benefits is 
essential in customer value modeling and 
EVE. This is a very challenging step for 
technical-focused professionals.

4. Dollarize 3 to 5 value drivers for 
a value proposition, not more: Under-
standing and quantifying customer value 
requires prioritization on what is essential 
for the customer’s business. A good value 
proposition is not a long and hypnotizing 
list of value drivers. It is maximum 3 to 5 
value drivers that are carefully packaged in 
a well delivered value story. The difficulty is 
in selecting the right value drivers. When I 

manage dollarization hackathons, we usu-
ally go through two rounds of discussion 
to prioritize and extract the right differenti-
ators and customer benefits. First, we use 
the VRIO Framework (Valuable, Rare, In-
imitable, Organized for Success) to se-
lect the 3 to 5 true differentiators. These 
get translated into customer benefits. We 
then use the 4C Framework (Customer-
pain centric, Credible, Commensurable, 
Compelling) to select the most critical 3 
to 5 customer benefits which will move on 
to be fully quantified. Remember that your 
customers want to hear value propositions 
that are focused on their problem, are very 
compelling, and can save them money!

5. Carefully select the order of your 
value drivers in your analysis and sto-
ry delivery: The 4C framework was also 
developed three years ago based on the 
feedback of dozens of people who had 
done dollarization exercises with me as 
a coach. The main issue is to figure out 
the order that should be used for the val-
ue drivers. My golden rule was created to 
make sure that the key customer benefits 
that are quantified have a highest score in 
the 4C Framework with a minimum of 9 
out of 10 for the first C which is focused 
on customer-pain centricity. Again, teams 
struggle with the value driver sequence 
and which one to start with in the delivery 
of the value proposition in front of custom-

ers. I always recommend starting with the 
big bang value driver (i.e. the most reso-
nating and compelling). I tell teams to re-
visit the value proposition they built for this 
segment or specific customer and to revisit 
the customer problem. Additionally, if the 
first value driver is powerful enough to con-
vince the customers to buy from you, you 
do not really need to spend too much time 
on value drivers 2 and 3. Simpler is often 
better. Some of the story can be delivered 
in writing and some during presentation. 
That is where value selling comes in play.

6. Focus on the flow and credibili-
ty of your dollarized value proposition 
and focus on the sequence of the CVP 
delivery: Value proposition design has a 
lot to do with the delivery of a great sto-
ry. The same goes for an EVE model. It is 
nothing else than a quantified value sto-
ry. The quantification part of the work is a 
bit messy and requires lots of iterations. 
That work in progress is never shown to 
sensitive internal stakeholders or to cus-
tomers. During dollarization hackathons 
and EVE workshops, I ask teams to deliv-
er a quantified storyline in 3 minutes. It is 
a very hard exercise. Some people like to 
spend time in the nitty gritty details of the 
calculations. Others often forget to con-
textualize the model and explain the criti-
cal assumptions. Story delivery is part of 

Title: Ten Golden Rules of EVE® Models 
Author: Stephan Liozu, PhD 
Word Count: 1950 
Intro: The purpose of this short paper is to share best practices for EVE® models with the pricing and 
marketing communities. Stephan M. Liozu, PhD is Chief Value Officer of the Thales Group 
(www.thalesgroup.com) and an Adjunct Professor & Research Fellow at the Case Western Research 
University Weatherhead School of Management. He holds a Ph.D. in Management from Case Western 
Reserve University (2013), an MS in Innovation Management from Toulouse School of Management 
(2005), and an MBA in Marketing from Cleveland State University (1991). He is a Certified Pricing 
Professional (CPP), a Prosci® certified Change Manager, and a Strategyzer Business Model Innovation 
Coach. He authored five books, including his most recent entitled Monetizing Data (2018). He sits on the 
Advisory Board of LeveragePoint Innovation and of the Professional Pricing Society. 

In 2008, I read Jeff Fox’s book called The Dollarization Discipline. This was my first introduction to the 
science and art of dollalizing competitive advantage and differentiation. At that time, I was well versed 
in marketing and strategy and had basic knowledge of pricing. Reading this book open my mind to the 
science of value-based pricing, value quantification, and dollarization. It was the beginning of a journey 
that has lasted 11 years so far. During this decade, I have studied and researched value-based pricing 
inside and out and have been deeply involved in designing hundreds of quantified customer value 
models or EVE® (Economic Value Estimation) across various industries and regions.  

 

Source: LeveragePoint 



OctOber 20194Pricing Advisor

the value modeling process!
7. Price and costs never enter your 

EVE models: The objective of doing an 
EVE is to be able to derive the right price 
level. Therefore, the price of the offer we 
build the model for is not included in the 
model. The price of the alternative does 
get factored in as the reference value. I 
often get confusion about negative differ-
entiation as being the price of the offer. 
That is not the case. These are different 
concepts. Similarly, the cost of your offer 
does not play a role in the design of an 
EVE model. You should be able to build 
this model without cost information. The 
reality is that when the price is set at the 
end of the price analysis, costs enter into 
the decision. Remember the 3Cs of price 
setting: customer, cost, and competition.

8. Focus on both positive and neg-
ative differentiators and value drivers: 
When conducting internal EVE and dol-
larization workshops, it is absolutely nec-
essary to study both the positive and neg-
ative differentiators of your offer versus 
the alternative. It is essential for team to 
have candid discussions of what makes 
their offer better and what makes it worse 
versus alternatives. That does not mean 
that we would volunteer all negative dif-
ferentiators in front of customers, but it is 
best to be ready in case educated cus-
tomers bring these up. When selecting 
the offers to dollarize in groups, be mind-
ful in selecting offers that are somewhat 
differentiated (meaning those that have 
move positive differentiators than nega-
tive ones). Bottom line: it is not realistic 
to present quantified value propositions 
to B2B customers without mentioning po-

tential negative differentiators.
9. Do not dollarize to reach accuracy 

and perfection but to be credible and 
have a good story: During working ses-
sions, I often witness groups arguing about 
small numbers or decimals. The goal of 
dollarization sessions is not to reach 100% 
accuracy. It is to reach agreement around 
a number range or a rounded number. 
Whether we save the customer $1,500 
or $1,458.78 does not matter. What mat-
ters is that the custom-
ers acknowledge there 
is value to be shared 
and they want to inves-
tigate that with you. You 
do need to find and use 
the correct formula for 
the quantification exer-
cises. So during EVE 
workshops, I remind participants to focus 
more on the logic and credibility of the val-
ue story and less on the number accura-
cy. Eventually, when you reach more ma-
turity in value quantification, I recommend 
you use detailed value calculators by end-
use application or by customer segment. 
These ROI, Value or Total Cost of Owner-
ship calculators usually have greater lev-
els of accuracy.

10. Document your assumptions and 
hypotheses for internal discussions but 
also for external disclaimers: This is a 
must-do activity during EVE workshops. I 
have two extra pages I always use in the 
dollarization template. One is to list as-
sumptions and hypotheses for the model 
and the value drivers. The second one is 
to list the actions that need to be taken to 
further develop the EVE model within 45 

days. Doing EVE models often requires 
putting your offer in customer situations 
or scenarios. In fact, you will dollarize for 
the most common customer applications 
or uses of the product or services. Your 
story will often list a set of very important 
assumptions. In some value-based market-
ing materials, we also list some disclaim-
ers such as “calculations assume normal 
wear and tear in the application.” When 
value models are worked in teams, new 

members might come in and pick up the 
work where others left off. Assumptions 
and hypotheses are essential for continu-
ity of work.

These ten Golden Rules are the most 
common points I have to emphasize and 
reinforce in training and workshop ses-
sions. I wanted to document them for you 
so that you can also share them with your 
multi-functional teams when you start your 
EVE activities. Remember that value quan-
tification of dollarization is only one of the 
steps of value-based pricing. There are 
many additional Golden Rules to consid-
er when we deploy the six steps of value-
based pricing for an offer. That is a top-
ic for another time. In the meantime, you 
should practice, practice, and practice 
some more. That is the best way to get 
better at building EVE models. v
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P
ricing transformations are a 

hot topic. People have been 

preaching to CEOs, CFOs, 

CMOs, and CCOs for years 

that a 1% improvement in price can 

lead to 8 to 13% improvement in prof-

its. Even better, experience has shown 

that 1% improvement is a low-estimate 

of the expected outcome of a pricing 

transformation. Pricing transforma-

tion efforts routinely deliver two ad-

ditional margin points, and have been 

observed to deliver an additional 9% 

to margins. But where is the origin of 

these improvements, and how do com-

panies get this improvement?

Pricing Transformation is a Trans-

formation in Decision Making

At its core, pricing transformations 

is about transforming how organiza-

tions make decisions regarding pric-

ing. It is a transformation of the pro-

cesses used in pricing, the people 

engaged in pricing decisions, the in-

formation applied to pricing decisions, 

and the goals of those pricing deci-

sions. It is an organizational structur-

al change to align with the corporate 

strategy and goals.

A wide variety of coordinated profit-

focused decisions are required to drive 

a strong pricing transformation. These 

profit-oriented decisions will coordi-

nate list prices, target prices, commer-

cial policy, tactical price management, 

and sales-incentives towards more ac-

curate pricing.
It isn’t a single decision nor single 

process that delivers the improve-

ment, but rather the coordinated ef-

fort across many decision points, pro-

cesses, and routines to ensure pricing 
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Conjoint Analysis  
Supporting Price Decisions 

by Dario C. Sales and  
Henrique A. Souza

While there are other research tech-
niques that seek to understand the per-
ceived value of products or services, 
the Conjoint Analysis method indirectly 
addresses the customer and therefore 
bypasses biases from direct research 
methods that make it harder to correct-
ly model consumer choice behavior. 
In this article, the authors examine the 
benefits of Conjoint Analysis in devel-
oping pricing strategies, present several methods for applying this approach and re-
view case studies of successful pricing projects. Dario C. Sales, CPP (dsales@quan-
tiz.com.br) is a partner manager and Henrique A. Souza (hsouza@quantiz.com.br) 
is a consultant at QuantiZ Pricing Solutions, a pricing consulting firm in Brazil.

Henrique  
A. Souza

C
ustomer perception-driven pric-
ing has become an important 
tactic for pricing in numerous 
businesses. A dominant meth-

odology for this approach is Conjoint Anal-
ysis, a research method that contemplates 
a cohesive understanding of a customer´s 
preferences and purchasing decisions. 
Any product or service consists of a bun-
dle of attributes that a customer jointly con-
siders when making a decision. Because it 
is a method that seeks to understand the 
preference of one attribute in comparison 
to others, a keyword for this analysis is the 
term trade-off.

Applying Conjoint Analysis leads to 
several findings that are not only common 
sense but that also have great potential to 
generate business value through pricing 
strategies. For example, a different willing-
ness to pay across different segments for 
the a primary product allows a company 
to capture more value from a segment that 
was less price sensitive for this solution.

You may find that one of the attributes 
that management values most in their 
product is not so valued by customers. 
If so, then you can change the product´s 
communication in order to create value for 
this attribute and charge more for it. An-
other interesting quandary may be wheth-
er the firm´s technical assistance is valued 

enough by its customers to be set as an 
additional charge. If general customers 
value this attribute, then you can capture 
how much they are willing to pay for it by 
adding technical assistance to the compa-
ny’s offer and granting discounts to those 
customers who do not value this service, 
instead of charging an additional fee to 
those who valued it.

One can tell from the examples above 
that there are several ways to work with the 
results of a Conjoint Analysis and gener-
ate value for a company. However, an im-
portant question still remains: how can we 
translate this powerful tool into business 
added value? First, we will go through the 
concept behind this study and then we 
will proceed with a structuring and appli-
cation guide.

While there are other research tech-
niques that also seek to understand the 
perceived value of products or services, 

the Conjoint Analysis method indirectly 
addresses the customer and therefore by-
passes biases from direct research meth-
ods that make it harder to correctly model 
consumer choice behavior. For example, a 
research on credit card preferences could 
address the “annuity” attribute by asking if 
a low annuity rate is important to the cus-
tomer. Most likely, following this rationale, 
the answers to any attribute would always 
be “very important.” However, if the ques-
tion relies on the comparison of a low an-
nuity rate and credit limit over $10,000, 
which one is more important? In this case, 
we would work the respondent’s tradeoffs.

There are various Conjoint Analysis 
methods one can use, such as Choice-
Based Conjoint (CBC) or Conjoint Val-
ue Analysis (CVA). The first, CBC, is the 
most common method for pricing purpos-
es. In many resources, it is also known as 
Discrete Choice Modeling (DCM). The 
use of each will depend on the charac-
teristics of the product or service, sample 
size, number of attributes raised and how 
the survey is going to be applied. In gen-
eral, these methods can answer in differ-
ent ways many questions related to pric-
ing. Among them, the following stand out:
• Relative importance of the attri-

butes: What are the most relevant at-
tributes of a given product or service?

• Market segmentation: How do dif-
ferent customer groups perceive a giv-
en attribute?

• Evaluation of new attributes / ser-
vices: Does it make sense to include 
a new attribute in a product / service 
package?

• Price sensitivity and price range 
suggestion: What is the price range 

Figure 1
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purposes. In many resources, it is also known as Discrete Choice Modeling (DCM). The use of 
each will depend on the characteristics of the product or service, sample size, number of 
attributes raised and how the survey is going to be applied. In general, these methods can 
answer in different ways many questions related to pricing. Among them, the following stand 
out: 

- Relative importance of the attributes: What are the most relevant attributes of a given 
product or service? 
- Market segmentation: How do different customer groups perceive a given attribute? 
- Evaluation of new attributes / services: Does it make sense to include a new attribute in 
a product / service package? 
- Price sensitivity and price range suggestion: What is the price range that the customer is 
willing to pay? 
- Competitive positioning: How do customers perceive our product or service compared to 
the competition? 

Structuring the study, as well as the application of the research, however, is a critical point for 
obtaining results with greater accuracy and confidence. The following is a step-by-step guide 
to help you build a well-designed Conjoint Analysis: 

1. Attribute and level selection 

In order to select the attributes to be analyzed, best practices suggest in-depth interviews with 
the client´s management team or professionals from the industry in question. Going back to 
the credit card example which discusses consumer preferences when purchasing a card, we 
could raise a number of attributes, such as: a) annuity fee; b) card’s interest rates; c) credit 
limit; d) benefits programs; e) card flag; f) card’s premium level; g) call center; h) card 
acceptability; i) ties with philanthropic institutions, among others. These attributes may have 
more than two levels of response, as it is the case with the benefits program, which may be a 
Mileage Program, Insurance Coverage, Concierge, among others. However, literature 
references suggest choosing at most between six and seven attributes. Above this number, it is 
difficult to keep the respondent motivated to answer the survey as it becomes lengthy and 
complex, a matter further discussed in more detail in the next section. The researcher should 
also avoid inaccurate or subjective criteria for defining the levels of each attribute, such as low, 
medium and high. For instance, a low annuity for one respondent may be an average annuity 
for another. 

To better understand how the number of attributes and levels impact a Conjoint Analysis, let's 
take an example of a 4 attributes survey with 3 levels: 

 

This format can generate 81 different types of combinations (3x3x3x3). However, for this 
analysis an orthogonal design approach is used, using statistical software (such as SPSS, 
Minitab, Sawtooth), which reduces the number of combinations to the minimum possible. In 
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that the customer is willing to pay?
• Competitive positioning: How do 

customers perceive our product or 
service compared to the competition? 

Structuring the study, as well as the ap-
plication of the research, however, is a crit-
ical point for obtaining results with greater 
accuracy and confidence. The following is 
a step-by-step guide to help you build a 
well-designed Conjoint Analysis:

1. Attribute and level selection
In order to select the attributes to be 

analyzed, best practices suggest in-depth 
interviews with the client´s management 
team or professionals from the industry in 
question. Going back to the credit card ex-
ample which discusses consumer prefer-
ences when purchasing a card, we could 
raise a number of attributes, such as: a) an-
nuity fee; b) card’s interest rates; c) cred-
it limit; d) benefits programs; e) card flag; 
f) card’s premium level; g) call center; h) 
card acceptability; i) ties with philanthrop-
ic institutions, among others. These attri-
butes may have more than two levels of 
response, as it is the case with the ben-
efits program, which may be a Mileage 
Program, Insurance Coverage, or Con-
cierge, among others. However, literature 
references suggest choosing at most be-
tween six and seven attributes. Above this 
number, it is difficult to keep the respon-
dent motivated to answer the survey as 
it becomes lengthy and complex, a mat-
ter further discussed in more detail in the 
next section. The researcher should also 
avoid inaccurate or subjective criteria for 
defining the levels of each attribute, such 
as low, medium and high. For instance, a 
low annuity for one respondent may be an 

average annuity for another.
To better understand how 

the number of attributes and 
levels impact a Conjoint 
Analysis, let’s take an exam-
ple of a 4 attributes survey 
with 3 levels (see Figure 1).

This format can generate 
81 different types of combi-
nations (3x3x3x3). However, 
for this analysis an orthogo-
nal design approach is used, using sta-
tistical software (such as SPSS, Minitab, 
Sawtooth), which reduces the number of 
combinations to the minimum possible. In 
this case, the profile combinations could 
be reduced to 16. These profiles are also 
called cards. An example card can be seen 
in Figure 2.

This set of minimal combinations en-
ables the measurement of what is re-
ferred to as main effects, when the levels 
of the same attribute are relativized, not 
considering the interactions between dif-
ferent attributes. Consequently, each at-
tribute would have its utility or perceived 
value estimation and it would show the rel-
evance of each of the levels for each at-
tribute. For example, considering that the 
benefits program contemplates one of the 
following three benefits: mileage program, 
insurance coverage or concierge. The 
main effect chart would show the utility 
for each of these benefits in the respon-
dent’s view. The results for this hypotheti-
cal example will be shown on the last top-
ic of this paper.

2. Metrics for establishing the results
As mentioned, Conjoint Analysis re-

search is used to understand consumer 
preference or purchase intent. Thus, the 

methodology requires respondents to rate 
the options shown by either grading them 
or sorting their preferences. The first uses 
a metric scale, in which the respondent 
rates the cards independently, ranging for 
example from 1 (would certainly buy) to 5 
(would never buy). 

The second approach is known as rank-
ing, in which the respondent ranks the 
cards according to his preference. The lat-
ter is considered more reliable, but as the 
number of profiles to be sorted increases, 
it becomes more difficult for the interview-
ee to fully differentiate them because the 
combinations become more alike. There-
fore, for a high number of profiles, the met-
ric scale approach may be more appro-
priate. Another form of contingency for a 
research with a high number of profiles is 
the adaptive conjoint method. It is a soft-
ware-based modality that, based on the 
initial answers, the tool adapts to the re-
spondent’s preferences and can eliminate 
unnecessary questions, thus reducing the 
survey time.

3. Survey application  
and its sampling 

Literature references show that sam-
ples for Conjoint studies range from 100 
to 1,000 observations, most commonly 

Ø CONTINUED, next page Ø

Figure 2

Figure 3

this case, the profile combinations could be reduced to 16. These profiles are also called cards. 
An example card can be seen below: 

 

This set of minimal combinations enables the measurement of what is referred as main effects, 
when the levels of the same attribute are relativized, not considering the interactions between 
different attributes. Consequently, each attribute would have its utility or perceived value 
estimation and it would show the relevance of each of the levels for each attribute. For 
example, considering that the benefits program contemplates one of the following three 
benefits: mileage program, insurance coverage or concierge. The main effect chart would show 
the utility for each of these benefits in the respondent’s view. The results for this hypothetical 
example will be shown on the last topic of this paper. 

2. Metrics for establishing the results 

As mentioned, Conjoint Analysis research is used to understand consumer preference or 
purchase intent. Thus, the methodology requires respondents to rate the options shown by 
either grading them or sorting their preferences. The first uses a metric scale, in which the 
respondent rates the cards independently, ranging for example from 1 (would certainly buy) to 
5 (would never buy). The second approach is known as ranking, in which the respondent ranks 
the cards according to his preference. The latter is considered more reliable, but as the 
number of profiles to be sorted increases, it becomes more difficult for the interviewee to fully 
differentiate them because the combinations become more alike. Therefore, for a high 
number of profiles, the metric scale approach may be more appropriate. Another form of 
contingency for a research with a high number of profiles is the adaptive conjoint method. It is 
a software-based modality that, based on the initial answers, the tool adapts to the 
respondent's preferences and can eliminate unnecessary questions, thus reducing the survey 
time. 

3. Survey application and its sampling  

Literature references show that samples for Conjoint studies range from 100 to 1,000 
observations, most commonly from 300 to 500. In any case, it is of utmost importance that 
profiles or attribute cards are presented very clearly and simply. The application of the survey 
through personal interview is indicated. However, it takes longer and it is more expensive. If 
applying via online survey platforms or by any method that does not involve the presence of 
the interviewer, it is important that pre-testing be done internally as well as with potential 
respondents. 

It is important to measure the response time during the pre-test. Since it may be a complex 
survey, it is common that the time required for answering is longer than what the respondents 
are accustomed to, and this can lead to withdrawals. In addition, a relevant step before 
applying the survey is to segment it according to the purpose of the study so it is possible to 
evaluate behaviors and trends by various criteria (for example, by socioeconomic profile or by 
region). 

4. Validation of results 

There are a few ways to validate the answers from the survey. Among them we highlight the 
creation of a profile with the worst levels of each attribute. Going back to the credit card 
example, it would be a profile with the most expensive annuity rate, the lowest credit limit and 
all the other attributes being negative. If the respondent ordered this profile as preferred or 
would certainly buy, it is evident that there was no discernment at the time of choice, resulting 
in an invalid answer. However, there is no need to create an additional profile to test the 
integrity of the response in case there is an objectively less desired profile than another. 

Results 

The following are hypothetical examples of how we view the results of a Conjoint study. The 
first and second graphs show the interaction of the main effects, that is, of each attribute 
independently. The graphs show the utility between different levels of the same attribute, 
which in this example is the credit card benefits program. What sets them apart is the 
socioeconomic segmentation. 

 
 
Results show that respondents with an income below $3,000 perceive insurance coverage as 
more valuable than a mileage program and concierge. For a wealthier respondent, the mileage 
program becomes more relevant. In both cases, the concierge attribute has the least relevance 
in decision making. 

The following chart is also one of Conjoint's results and shows the relative importance of each 
attribute. In this hypothetical example, we highlight the importance of each attribute when 
purchasing a credit card. 

 

The utility functions and the relative importance of the attributes allows many considerations 
about consumer behavior without the need to ask detailed questions about each attribute. It is 



OctOber 20197Pricing Advisor

from 300 to 500. In any case, it is of ut-
most importance that profiles or attribute 
cards are presented very clearly and sim-
ply. The application of the survey through 
personal interview is indicated. However, 
it takes longer and it is more expensive. If 
applying via online survey platforms or by 
any method that does not involve the pres-
ence of the interviewer, it is important that 
pre-testing be done internally as well as 
with potential respondents.

It is important to measure the response 
time during the pre-test. Since it may be a 
complex survey, it is common that the time 
required for answering is longer than what 
the respondents are accustomed to, and 
this can lead to withdrawals. In addition, a 
relevant step before applying the survey is 
to segment it according to the purpose of 
the study so it is possible to evaluate behav-
iors and trends by various criteria (for exam-
ple, by socioeconomic profile or by region).

4. Validation of results
There are a few ways to validate the an-

swers from the survey. Among them we 
highlight the creation of a profile with the 
worst levels of each attribute. Going back to 
the credit card example, it would be a pro-
file with the most expensive annuity rate, the 
lowest credit limit and all the other attributes 
being negative. If the respondent ordered 
this profile as preferred or would certainly 
buy, it is evident that there was no discern-
ment at the time of choice, resulting in an 
invalid answer. However, there is no need 
to create an additional profile to test the in-
tegrity of the response in case there is an 
objectively less desired profile than another.

Results
Figure 3 shows hypothetical examples 

of how we view the results of a Conjoint 
study. The first and second graphs show 
the interaction of the main effects, that 
is, of each attribute independently. The 
graphs show the utility between different 
levels of the same attribute, which in this 
example is the credit card benefits pro-
gram. What sets them apart is the socio-
economic segmentation.

Results show that respondents with an 
income below $3,000 perceive insurance 
coverage as more valuable than a mileage 
program and concierge. For a wealthier re-
spondent, the mileage program becomes 
more relevant. In both cases, the concierge 
attribute has the least relevance in deci-
sion making.

Figure 4 is also one of Conjoint’s results 
and shows the relative importance of each 
attribute. In this hypothetical example, we 
highlight the importance of each attribute 

when purchasing a credit card.
The utility functions and the relative 

importance of the attributes allows many 
considerations about consumer behav-
ior without the need to ask detailed ques-
tions about each attribute. It is a reliable 
technique that can replace traditional cus-
tomer satisfaction or Voice of the Custom-
er (VOC) surveys. This study has the abil-
ity to demystify the customers´ trade-offs, 
thus supporting management with great 
strategic tools. 

However, medium and long-term strate-
gic business awareness is essential, which 
is often not derived solely from research 
or quantitative analysis. A clear strategy 
is very important to address planning, as-
sembly and application of research meth-
ods. v

4. Validation of results 

There are a few ways to validate the answers from the survey. Among them we highlight the 
creation of a profile with the worst levels of each attribute. Going back to the credit card 
example, it would be a profile with the most expensive annuity rate, the lowest credit limit and 
all the other attributes being negative. If the respondent ordered this profile as preferred or 
would certainly buy, it is evident that there was no discernment at the time of choice, resulting 
in an invalid answer. However, there is no need to create an additional profile to test the 
integrity of the response in case there is an objectively less desired profile than another. 

Results 

The following are hypothetical examples of how we view the results of a Conjoint study. The 
first and second graphs show the interaction of the main effects, that is, of each attribute 
independently. The graphs show the utility between different levels of the same attribute, 
which in this example is the credit card benefits program. What sets them apart is the 
socioeconomic segmentation. 

 
 
Results show that respondents with an income below $3,000 perceive insurance coverage as 
more valuable than a mileage program and concierge. For a wealthier respondent, the mileage 
program becomes more relevant. In both cases, the concierge attribute has the least relevance 
in decision making. 

The following chart is also one of Conjoint's results and shows the relative importance of each 
attribute. In this hypothetical example, we highlight the importance of each attribute when 
purchasing a credit card. 

 

The utility functions and the relative importance of the attributes allows many considerations 
about consumer behavior without the need to ask detailed questions about each attribute. It is 

Figure 4
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Is Price Optimization Realistic  
in a B2B Environment? 

A lot of executives in the B2B sphere are talking about want-
ing to achieve “price optimization.” Measuring pricing pow-
er at the customer and product level is very possible for busi-
nesses to achieve with a high degree of reliability. Just don’t 
fool yourself into thinking that this is B2B price optimiza-
tion! What manufacturing and industrial businesses need is 
value-based pricing that uses sound pricing strategies and ad-
vanced analytics, as the author explains. Author Paul Hunt is 
the president of Pricing Solutions and a frequent PPS present-
er, instructor, and contributor. He can be reached at phunt@
pricingsolutions.com. by Paul Hunt

I 
meet with a lot of executives in the 
B2B sphere who talk about wanting to 
achieve “price optimization.” They’re us-
ing this term to describe the goal of uti-

lizing data and software to accurately set 
exact pricing within their B2B environment.

While the term pricing optimization is 
bandied about quite often in the indus-
try, the way it’s being used is problemat-
ic. When an executive uses this term, they 
usually mean that they want pricing that will 
hit the bullseye every time, and many soft-
ware firms are making huge claims around 
their ability to do just that with pricing op-
timization software. I would go so far as to 
say it’s dangerous to use the term pricing 
optimization in this context.

One of the global business companies 
we work with came to us after adopting 
a software company’s price optimization 
software. After investing millions in the 
software, the company found that data 
sparsity was leading to illogical pricing 
recommendations that their sales force 
just could not accept. The result was a 
lot of work arounds and a lack of trust in 
the black box software. The phrase “gar-
bage in, garbage out” applies here. Artifi-
cial intelligence (AI) and machine learning 
algorithms need very high quality data to 
be effective; most of the time, B2B com-
panies do not have such high quality data. 
This is one of the reasons that B2B pric-
ing algorithms don’t replace solid strategy 
and business judgement; they augment it.

At this point we stepped in to devel-
op pricing based upon segmentation, ad-
vanced analytics and sound strategic in-
put by a cross functional team. The results 

included high adoption across the organi-
zation, a price structure everyone under-
stood, and superior profitability. The client 
has exceeded targets for price improve-
ment in each of the last two years since 
the initiative was undertaken.

All of which reminds me of the old ad-
age coined by the famous economist John 
Maynard Keynes:

“It is better to be roughly right than pre-
cisely wrong.”

Smart Analytics is Not the  
Same as Pricing Optimization

Many software vendors are promising 
optimization using AI-driven solutions, but 
don’t be fooled. Smart analytics is not the 
same as pricing optimization. In fact, us-
ing the term pricing optimization in this way 
leads to unrealistic expectations.

It is very easy to calculate an elasticity 
number for every product and every cus-
tomer a B2B company has. The only prob-
lem is that it will be precisely wrong! Of 
course, we all wish that there was a mas-
ter algorithm out there that would produce 
reliable recommendations every time, but 
this kind of black box approach to pric-
ing is dangerous within the B2B sphere. 
That’s because true optimization is driven 
by elasticity and I can confidently say that 
other than a few exceptions this just isn’t 
possible for most B2B businesses, espe-
cially those in the industrial or manufac-
turing spheres.

True Elasticity Has Preconditions  
and Limitations

Elasticity has some preconditions. To 

accurately measure elasticity, you need:
• Frequent price changes for both prod-

ucts and customers
• A high volume of transactions (millions 

is preferable)
• Good competitive price data

Without these preconditions you’re 
looking at trying to hit a moving target. Not 
to mention that external variables like the 
economy (e.g. inflation, commodity prices, 
minimum wage, etc.) must be accounted 
for and understood in terms of their impact,  
which is difficult to do in real-time within 
the B2B sphere.

Why?
In addition to the problems inherent with 

looking at historical transactions, there are 
other significant confounding variables in 
B2B businesses such as:
• Contracting and negotiations
• Customization of the offer (for example, 

a customer may value on-time delivery 
more than the product itself)

• Poor data quality – one of our recom-
mendations and a key part of the jour-
ney is to cleanse data
These factors add multiple complexities 

for B2B companies, which yield unique re-
sults at the customer and product level.

“Pricing sensitivity or pricing power 
are more accurate terms that better de-
scribe the possibilities of enhancing B2B 
pricing.”

Estimating Elasticity with Accuracy
There are two exceptions worth men-

tioning. It is possible to estimate elasticity 
with a high degree of accuracy within some 
B2C industries (e.g. retail, ecommerce and 
travel). However, the black box algorithms 
used by these industries, which rely on AI 

“It is better to be roughly 
right than precisely wrong.” 

— John Maynard Keynes 
Economist
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and machine learning, are just not practi-
cal for most B2B businesses. In fact, using 
black box software is dangerous for most 
B2Bs because their teams can’t see the 
data behind the results.

The only other exceptions I have seen 
in B2B are commodities and parts. With 
commodities I have seen elasticity predict-
ed accurately. The reason is that there is 
substantially more data and a higher de-
gree of transparency which results in the 
conditions required to more accurately 
predict elasticity. To a somewhat lesser 

degree the same can be said for the parts 
business.

As you can see, using the term price op-
timization in a way that indicates precise 
pricing accuracy or AI and machine learn-
ing is simply not practical for most B2B 
companies. Pricing sensitivity or pricing 
power are more accurate terms that bet-
ter describe the possibilities of enhanc-
ing B2B pricing.

Search for Pricing Power Instead
Measuring pricing power at the cus-

tomer and product level is very possible 
for B2Bs to achieve with a high degree 
of reliability. Just don’t fool yourself into 
thinking that this is B2B price optimiza-
tion! What manufacturing and industrial 
businesses need is value-based pricing 
that uses sound pricing strategies and ad-
vanced analytics. This method helps iden-
tify price sensitivity (not elasticity), which 
is realistic and achievable and will deliver 
the lasting competitive advantage that B2B 
executives are looking for. v


