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and focus on value-based pricing, it is still clear that 
cost-plus has its role as a pricing strategy in a num-
ber of instances. But even when a cost-plus pricing 
strategy is used, be careful about what the real ad-
vantages are, and what alternative strategies exist. 
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I
n his article “When Cost-Plus Pric-
ing is a Good Idea” Utpal Dholakia, 
Professor of Marketing at Rice Uni-
versity’s Jesse H. Jones Graduate 

School of Business, makes a solid ar-
gument for why cost-plus pricing is a 
viable pricing strategy and why it can 
be better than customer value-based 
pricing strategies. He advocates three 
main reasons:

1. It is easy to calculate, imple-
ment and justify

2. It does not exploit market im-
balances

3. It helps support a low-cost 
strategy

Let me therefore start by saying 
that I do agree that cost-plus pricing 
can be a viable strategy in some situ-
ations. However, modern pricing strat-
egy, and the software used to support 
it, has to balance at least three differ-
ent C-factors in determining the “right 
price”: cost, customer value and 
competitive situation.

Relying on cost only has some ob-

vious disadvantages, with the most 
important being the inherent lack of 
customer focus and non-consider-
ation of competitive offers. But even 
the advantages outlined by Professor 
Dholakia are not as clear as they might 
seem. Let’s examine each one of them 
in more detail.

Is a cost-plus strategy easy to cal-
culate, implement and justify?

If all products sold have the same 
characteristics, cost-plus as a per-
centage of purchase price might be 
an easy method. But in many cases 
the product portfolio is more compli-
cated than that. Take, for example, the 
wines on a restaurant wine list. Many 
restaurants want to offer a selection, 
from low-cost/high-volume house 
wines to more premium first growth 
estate wines. However, adding a stan-
dard percentage rate to the purchase 
price of all wines would make the price 
of the premium wines prohibitively ex-
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Most consumers understand the laws of supply and 
demand, and appreciate that prices can vary, but only 
within certain socially acceptable limits.

Ø CONTINUED, next page Ø

pensive, so many restaurants either use 
a combination of percentage and actual 
dollars (or euros, pounds, kronor etc.), or 
have different calculation models for dif-
ferent price ranges, to set the menu price.

The same situation applies for most re-
tailers and manufacturers, where there is 
a need to balance the pricing strategy for 
a smaller range of high volume/high inven-
tory turn-over items – and usually fierce 
competition from a multitude of other com-
panies with similar offers 
– with a large selection 
of low-volume/long-tail 
products where compe-
tition might be more lim-
ited.

Another classic exam-
ple can be found with-
in marketing consultan-
cies and communication 
agencies. Initially, the 
standard remuneration 
method for an ad cam-
paign was that the agen-
cy fee was calculated as 
a percentage of the me-
dia cost for the campaign. 
This worked reasonably 
well for a while, but in-
creasingly there began 
to be a disconnect be-
tween two types of cost: 
the manpower and other resources used 
to plan, create and produce the commu-
nication activity, and the cost of the me-
dia channels used to deliver the communi-
cation to its audience. Increasingly, many 
agencies have therefore turned to the clas-
sic time-based/hourly-rate model, but even 
this simple cost-plus model is seriously 
flawed – as are most time-based models 
for expertise services.

The fundamental issue with time equals 
cost is that thinking time and experience 
are very difficult to allocate with precision. 
Manual labor, such as the time it takes to 
dig a hole, is reasonably straightforward to 
calculate on a cost basis, but how about 
the time it takes to come up with a good 
idea for a marketing message? If the team 
working on the project comes up with a 
great idea quickly, should this cost less 
than an equally talented team working 
longer on the same project before they 
find they right message? Or is a compli-
cated idea, requiring more man-hours to 
produce and execute, automatically bet-
ter and worth more than a simple idea re-

quiring fewer hours?
Another classic problem with cost-plus 

models, especially in manufacturing, is 
how to allocate the overhead costs. Should 
this be done on a pro-rata basis (i.e. where 
overhead cost are shared equally as a 
percentage factor), on a cost analysis ba-
sis (i.e. costs shared “fairly” based on an 
analysis of resources used), a combina-
tion of these, or any other form? Hence, 
whilst “cost plus” is easy to say, it is actu-

ally often a lot harder to define and imple-
ment than what it might seem at first. And 
if it is hard to define the method used for 
calculating what would be called a cost-
plus strategy, the consequence is that it 
will also be difficult to be totally transpar-
ent about how it is done, and how to com-
municate and justify the method.

Do other strategies exploit  
market imbalances?

Professor Dholakia uses the examples 
of, among others, Uber and Coca-Cola to 
argue against market-based pricing. How-
ever, the customer frustration – sometimes 
even rage – that ensued demonstrates that 
Uber and Coca-Cola did not practice cus-
tomer-value based pricing at all, but rath-
er a form of opportunistic pricing. Pricing 
based on perceived customer value rec-
ognizes the balance of needs between 
supplier and buyer, whereas opportunis-
tic pricing means get as much as you can 
and do not worry about long-term relations 
or customer satisfaction levels.

Most consumers understand the laws 

of supply and demand, and appreciate that 
prices can vary, but only within certain so-
cially acceptable limits. 

If there is a shortage of a commodity, 
whether it be because of production is-
sues, increased demand, change in com-
petition or other reasons, consumers ac-
cept that prices will rise – but only to a 
level where they feel they are not being 
taken advantage of. This is the implied 
social contract of reciprocity and fairness 

that we – and most so-
cial animals – base much 
of our relations on. What 
this revised price level is, 
and how quickly it chang-
es, is something that a so-
phisticated modern pricing 
system can accommodate 
and help pricing managers 
stay on top of. And inci-
dentally, the response from 
the customers of Uber and 
Coca-Cola showed clearly 
that these companies were 
not using a customer val-
ue-based strategy, as the 
customers quickly let the 
companies know that their 
products were not worth 
the money they wanted to 
charge.

Does cost-plus pricing support a low-
cost strategy?

Professor Dholakia argues that if you 
want to be a low-price player that uses a 
cost leadership advantage in the market, 
it helps to use cost-plus pricing to convey 
this position. However, he seems to get 
(at least) two different strategies mixed up 
in his argument. On the one hand, there 
is the strategic position of being the low-
price leader in a market, and on the oth-
er, there is the strategy of cost-plus pric-
ing. They can be related, but he does not 
present evidence for either the full relation 
or the causality. In some situations, a low-
price position comes with attributes such 
as lower service levels, reduced product 
range, etc., as these are both means to 
achieve lower costs and ways of demon-
strating that low cost comes at a price.

Incidentally, it should also be noted that 
low cost is not the same as superior cus-
tomer value. In fact – and this is a common 
semantic mistake that sometimes even 
professors can make – EVERY success-



August 20194Pricing Advisor

Pricing

Advisor

CONTINUED ON NEXT PAGE �

Pricing Transformation: 

Decision Making Required, 

Software Optional

Pricing transformations are a big topic in the business 

world, but many companies do not understand how to 

bring such a transformation into fruition. In this article, 

the author explores the key cultural and organization-

al changes required to implement meaningful pricing 

change. Tim J. Smith, PhD is the founder and CEO of 

Wiglaf Pricing, adjunct professor at DePaul Universi-

ty, and Academic Advisor for the Certified Pricing Pro-

fessional designation. His most recent book is Pricing 

Done Right:  The Pricing Framework Proven Success-

ful by the World’s Most Profitable Companies (Bloom-

berg Financial, 2016). He can be reached at tsmith@

wiglafpricing.com.

July 2018

Pricing Transformation: 

Decision Making Required, 

Software Optional 1

Three Lessons That Both  

Buyers and Sellers  

Should Learn 5

Do You Know Who Is 

Training Your Sales Team? 7

How to Develop a Winning 

Pricing Structure in Retail? 9

contents

by Tim J. Smith
Ph.D.

Ø CONTINUED on 3 Ø

P
ricing transformations are a 

hot topic. People have been 

preaching to CEOs, CFOs, 

CMOs, and CCOs for years 

that a 1% improvement in price can 

lead to 8 to 13% improvement in prof-

its. Even better, experience has shown 

that 1% improvement is a low-estimate 

of the expected outcome of a pricing 

transformation. Pricing transforma-

tion efforts routinely deliver two ad-

ditional margin points, and have been 

observed to deliver an additional 9% 

to margins. But where is the origin of 

these improvements, and how do com-

panies get this improvement?

Pricing Transformation is a Trans-

formation in Decision Making

At its core, pricing transformations 

is about transforming how organiza-

tions make decisions regarding pric-

ing. It is a transformation of the pro-

cesses used in pricing, the people 

engaged in pricing decisions, the in-

formation applied to pricing decisions, 

and the goals of those pricing deci-

sions. It is an organizational structur-

al change to align with the corporate 

strategy and goals.

A wide variety of coordinated profit-

focused decisions are required to drive 

a strong pricing transformation. These 

profit-oriented decisions will coordi-

nate list prices, target prices, commer-

cial policy, tactical price management, 

and sales-incentives towards more ac-

curate pricing.
It isn’t a single decision nor single 

process that delivers the improve-

ment, but rather the coordinated ef-

fort across many decision points, pro-

cesses, and routines to ensure pricing 
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ful brand delivers superior customer value, 
as value is defined by “what I get” versus 
“what I pay”. Successful brands would not 
be successful and achieve sales growth if 
they did not deliver superior value for their 
customers, irrespective of at which price 
points they compete.

Professor Dholakia uses Costco as an 
example to make his point, as they use – 
and communicate – a cost-plus strategy 
to support their role as a price leader. But 
a sample of one is not the same as evi-
dence that cost-plus is a better pricing 
strategy, or even necessary, for a compa-
ny that wants to be perceived as a price 
leader. This can easily be shown by using 
another example of a well-known compa-
ny that pursues a price leadership strategy 
through low operational costs, but which 
does not talk about a cost-plus strategy.

IKEA is a global home furnishings suc-
cess with its “democratic design” philos-
ophy and its desire to make good design 
affordable and available to all. One of its 
ways to prove its operational cost lead-
ership is its clear strategy of “if the cus-
tomer does some of the work, they get to 
keep the savings,” demonstrated by el-
ements such as its flat-pack design and 
open warehouse store structure. 

Another detail is its focus on “the first 
item we design in a new product is the 
price tag,” i.e. how its designers always 
look for ways of keeping costs down with-
out compromising on quality or perfor-
mance. In other words, IKEA communi-
cates very clearly how the company is a 
cost and low price leader, but it does so 
without using a cost-plus pricing strategy.

Know your options
In summary, it is clear that cost-plus has 

its role as a pricing strategy in a number of 
instances, for example for complementary 
products or where the real customer-per-
ceived value might be difficult to assess, 
due to low volumes, special buying con-
ditions, or otherwise. 

And more importantly, cost should of 
course always be considered in every pric-
ing strategy, in order to find the right bal-
ance between cost, customer-perceived 
value and the competitive structure for 
each product and for the total portfolio. 
But even when a cost-plus pricing strate-
gy is used, be careful about what the real 
advantages are, and what alternative strat-
egies exist. v
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Breaking the Commodity  
Trap in Trade Finance 

by Sumitra Karthikeyan, Jacopo Meneguzzo, Ian 
Wachters, Tushar Agarwal, Martin Van den Heuvel, 
and Frederik Wirtz-Peitz

Long thought of as a commodity to build relationships, trade 
finance (the financial prod ucts used to facilitate internation-
al trade and commerce) has significant, latent profit poten-
tial that commercial banks are now unlocking with a new, 
balanced approach to pricing, as the authors explain. This 
industry specific article provides pricing insights and princi-
ples that can be applied in multiple industry sectors. Sumitra 
Karthikeyan (karthikeyan.sumitra@bcg.com) is a partner and 
managing director in the New York office of Boston Consult-
ing Group. Jacopo Meneguzzo (meneguzzo.jacopo@bcg.
com) is a project leader in the firm’s New Jersey office. Ian 
Wachters (wachters.ian@bcg.com) is a senior partner and 
managing director in BCG’s Amsterdam office. Tushar Agar-
wal (agarwal.tushar@bcg.com) is a principal in the firm’s 
Jakarta office. Martin Van den Heuvel (vandenheuvel.mar-
tin@bcg.com) is a partner and managing director in BCG’s 
Amsterdam office. Frederik Wirtz-Peitz (wirtz-peitz.frederik@
bcg.com) is a consultant in the firm’s London office.

Sumitra 
Karthikeyan

T
rade finance, the financial prod-
ucts used to facilitate internation-
al trade and commerce — despite 
its role as a vital lubricant of the 

world economy — rarely plays a key role 
in the profitability of the financial institu-
tions that provide it. More often than not, 
the banks perceive it as a means to open 
doors or sweeten deals in order to help 
them sell more lucrative products.

Shrinking Margins Call  
for a New Trade Strategy

That image and subordinated role for 
trade finance needs to evolve quickly. Sev-
eral trends, including tighter regulation and 
more intense competition, have pressured 
the margins of financial institutions to such 
an extent that only half of the commercial 
banks BCG tracks globally have returns 
above 16%, which is the minimum accept- 
able rate of return (the hurdle rate). This 
pressure is forcing financial institutions to 
reexamine the margins that their products 
and services generate. In their efforts to 

shore up profitability, banks can no longer 
afford to use low prices on trade finance 
as  a lever to win deals.

The low-price strategy banks have his-
torically used for trade finance rests on 
three beliefs:
• Clients perceive trade finance as a 

commodity, with price as the only dif-
ferentiator.

• Low prices make cross-selling easier.
• Higher margins from areas such as core 

lending and cash management will more 
than offset any margin sacrificed on the 
cross-selling.

Relatively stable competitive and reg-
ulatory environments entrenched these 
beliefs and reinforced an illusion of suc-
cess, because the banks had no impetus 
to change. A low-price strategy makes 
sense if the “margin math” really works and 
if prices indeed align with an overall mar-
ket standard and do not vary based on the 
nature  of the transaction or the customer.

But in today’s environment, for most 

commercial banks, none of those beliefs is 
justified anymore. First, our surveys of trade 
finance clients suggest that trade finance is 
not a commodity at all. It is a differentiated, 
value-added product. Clients place value 
on factors such as the stability of a bank, 
the extent of its global network, the terms 
of the trade finance instrument, the service 
levels of the bank (including response time), 
and the quality of advice provided by the re-
lationship managers (RMs). These factors 
are usually compelling enough for clients 
to pay a fair price for better performance.

Second, the other two beliefs are un-
substantiated. Most banks are unable to 
track activity dynamically and determine 
whether their cross-selling efforts are 
achieving the desired margins. In many 
cases, banks end up saddled with high-
ly discounted prices on trade finance but 
only promises from clients and no material 
business from them to offset the lower mar-
gins. Finally, the competitive and regulatory 
environments have changed significantly. 

Jacopo 
 Meneguzzo

Ian Wachters

Tushar Agarwal Martin  
Van den Heuvel

Frederik  
Wirtz-Peitz
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For example, the Basel III declarations from 
the Bank for International Settlements have 
both tightened and diversified the capital 
requirements for banks, relative to their risk-
weighted assets.

Transforming trade finance into a prof-
it driver will require a new pricing logic 
backed by a data-driven and disciplined 
approach. Such a logic can yield revenue 
improvements of between 10% and 12% if 
banks can overcome their entrenched be-
haviors and realize that their previous beliefs 
about trade finance are either unproven or 
outdated. Deep analytics of historical pric-
ing can convince banks that their current 
behaviors undermine their margins, and that 
a robust set of pricing tools, incentives, and 
coaching can change those behaviors, help 
clients accept the new logic, and improve 
the banks’ financial performance.

Change Starts with the 
Pricing Logic

It is logical to expect the 
price for trade finance in-
struments to have a strong 
relationship to the amount 
of risk involved. The higher 
the bank’s target return is 
on risk-weighted assets or 
a similar metric, the higher 
the price for a trade finance 
instrument should be. It 
follows that two seeming-
ly identical transactions — 
deals with the same trade 
volume, currency, trade 
corridors, terms, risk, credit 
rating, collateralization, and 
industry — should have very 
similar prices. But that log-
ic breaks down in practice.

Our quantitative analysis of thousands 
of existing trade finance deals revealed that 
the prices for seemingly identical transac- 
tions can vary by a factor of three or four. 
In one case, we analyzed prices along a 
range of more than 15 risk-related and 
non-risk-related drivers such as size of 
deal, total value of the relationship, tenor, 
and type of collateral. We observed that 
the drivers explained only about 26% of the 
discount offered on standard prices. The 
remaining 74% of the price dispersion re-
sulted from the influence of “field discre-
tion,” an amalgamation of clients’ negotiat-
ing leverage, perceived competitive prices, 
reactive price-taking behavior on the part 
of the RMs, and clients’ promises of ad-

ditional business that rarely materialized. 
In other words, the influence of field (RM) 
discretion on trade finance prices far out-
weighs other key factors that should drive 
pricing decisions (See Figure 1.)

The analysis validated the hypothesis 
that the RMs were applying their own in-
tuition to set prices, almost entirely uncou-
pled from the underlying risk and other key 
factors. The primary reason that RMs rely 
on gut feeling is that they do not trust the 
risk-based pricing models most banks use. 
Instead, the RMs establish their own mar-
ket rates, because they perceive the mod-
els to be black boxes whose complexity 
makes it hard to understand how the in-
puts affect risk and prices. This mistrust is 
partially justified. The models usually take 
only a few variables into account, such as 
obligor and facility risk and collateral, even 
though many more  variables — such  as  

country risk, currency risk, and tenor — 
exert  a strong influence on the value of a 
trade finance instrument. Also, the opera-
tional cost allocation incorporated into the 
models often deviates sharply from what is 
observed in practice. This means that even 
when the RMs try to use these tools, they 
receive ambiguous guidance or outputs 
that are open to misinterpretation.

In the absence of more rigorous guid-
ance, the banks grant RMs a high level of 
discretion to set rates. They encourage 
lower prices by incentivizing the RMs on 
the volume of business, rather than on the 
margins the business generates. In some 
cases, banks also place too much empha-
sis on rates — reflecting the “risk” part of 

trade finance instruments — and too little 
emphasis on fees. RMs frequently discount 
or even waive fees, surcharges, and similar 
price elements, either because the fees are 
not well constructed or because RMs are  
not sufficiently trained to explain the ratio-
nale behind them. Preferential pricing be- 
comes the norm, and clients expect to re-
ceive such perks on every deal.

A Robust Toolkit  
Changes Pricing Behavior

The silver lining is that this problem — 
the extreme price dispersion caused by 
RMs acting mostly on their gut feeling — 
is solvable. Most companies in B2B indus-
tries with historically stable markets, a large 
number of customers, and a large number 
of transactions show the same kind of pric-
ing dispersion we observe in trade finance.

To change established behaviors and 

avoid putting their margins at severe risk, 
commercial banks need to manage the dis-
persion by implementing a combination of 
new pricing models and guidance that is 
much more closely aligned with evolving 
market conditions and the risks involved. 
The outputs of the new models are prices 
that reflect risk and relationship, weighed 
against the bank’s internal hurdles. The 
new models also provide guidance on cli-
ent-specific variables that impact pricing, 
as well as standardized discounts that are 
relevant to the bank’s terms of business 
and based on individual client profitabil-
ity. The most effective pricing models are 
based on detailed analyses, but they also 

Ø CONTINUED, next page Ø
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allow for the experience and insights of  
RMs, especially with respect to factors 
that affect pricing but are hard to quantify.

For a change in pricing discipline to be 
effective, RMs need robust pricing tools, 
as well as the coaching and training neces-
sary to execute against them. One financial 
institution implemented a list-and-discount 
system built on a set of risk-weighted price 
targets for each country-product combi-
nation. Those targets effectively serve as 
client-in-dependent list prices, in the spir-
it of a more advanced approach to pric-
ing logic. The client-specific discounts 
depend on several drivers, similar to the 
ones noted earlier.

This new system also defines RM dis-
cretion in a standardized way. Each RM re-
tains the latitude to discount prices by up 
to a certain percentage beyond the stan-
dard discounts. But any request for a dis-
count in excess of these limits is now sub-

ject to a set of escalation procedures. The 
RMs still maintain some personal control 
over pricing, but within ranges that protect 
the overall goals of the institution. To pre-
vent the RMs from defaulting to the lowest 
allowable prices under the new model, the 
bank also changed its incentives. By re-
warding the RMs for price realization — a 
proxy for higher margins — and not solely 
for the amount of business they write, the 
bank gives RMs an incentive to trust and 
implement the guidance from the new tools.

This approach shifts the emphasis to-
ward what clients are willing to pay and 
away from field discretion that is informed 
in large part by competitors’ prices or by 

perceived price elasticity. (See Figure 2.) 
The tool that supports this approach allows 
the RMs to set prices dynamically. Similar 
clients in similar situations pay similar pric-
es, and each client’s price point has a clear 
and defensible rationale.

 The implementation of a more data-
driven pricing system thus makes pricing 
fairer and more transparent, but not nec-
essarily higher. In general, the vast major-
ity of prices move higher after implementa-
tion of the new tool, but some prices stay 
the same, either for strategic reasons or 
because the prices were already fair. The 
few cases in which clients’ previous pric-
es were too high helped expose situations 
where the bank faced potential challenges 
with client retention. The new system also 
offers banks a better mechanism to raise 
prices. Rather than pursuing an across-
the-board price increase, institutions can 
now optimize prices client by client.

Logic and Transparency  
Overcome Resistance

The three beliefs noted at the outset 
are universal, not specific to any country 
or region. With one client based in Asia, 
we observed a strong belief that midsize 
and large companies in its region are so 
price sensitive that any attempts to change 
or raise prices would cause substantial 
attrition. Our analysis and field observa-
tion revealed that this insecurity among 
RMs was unfounded and that the resulting 
steep discounts were unnecessary. Giv-
en the volatility of rates in the region, the 
bank’s clients were well aware that they 
had received bargain rates. Modest, well-

communicated rate increases encountered 
little or no resistance. In a region focused 
on aggressive growth, the value of an ex-
isting banking relationship trumps margin-
al price differences.

For a client in another country, the tool 
and the new procedures initially met in-
ternal resistance. In this case, the bank 
overcame that resistance by involving the 
RMs in the development stage, providing 
hands-on coaching, conducting live pilots, 
and implementing rigorous tracking. These 
measures helped the RMs understand that 
the new prices have a strong rationale and 
are transparent. They also reinforced the 
fact that the RMs still maintain meaning-
ful, material discretion in setting prices.

RMs eventually welcomed the tool and 
guidance, because they no longer  need-
ed to rely on guesswork. When they ex-
plained the logic of the new rates to clients, 
most accepted them. The tool enabled 

RMs to shift the pricing 
discussion to a more ob-
jective and logical basis. 
Many of this bank’s cli-
ents were not surprised 
to hear that they had 
been receiving extreme-
ly low prices relative to 
the volume of business 
they generated. Those 
that resisted the new 
prices were often open 
to broader conversations 
that led either to a partial 
price increase or to other 
cross-sell opportunities.

Ultimately, the new 
tools reinforce a funda-
mental and necessary 
change in perception re-
garding the pricing of 

trade finance instruments. Challenged by 
changes in their customer, competitive, and 
regulatory landscapes, banks are moving 
away from  the old view of trade finance as 
a loss leader  and are now treating trade fi-
nance as a strategic product and valuable 
contributor to the bank’s profitability.

Long thought of as a commodity to    
build relationships, trade finance has sig-
nificant, latent profit potential that commer-
cial banks are now unlocking with a new, 
balanced approach to pricing. They are im-
plementing tools and guidance that enable 
better pricing decisions, without marginal-
izing the role of their RMs. v
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dependent list prices, in the spirit of a more 
advanced approach to pricing logic. The cli- 
ent-specific discounts depend on several 
drivers, similar to the ones noted earlier. 

 
This new system also defines RM discretion 
in a standardized way. Each RM retains the 
latitude to discount prices by up to a cer- 
tain percentage beyond the standard dis- 
counts. But any request for a discount in 
excess of these limits is now subject to a set 
of escalation procedures. The RMs still 
maintain some personal control over pric- 
ing, but within ranges that protect the over- 
all goals of the institution. To prevent the 
RMs from defaulting to the lowest allow- 
able prices under the new model, the bank 
also changed its incentives. By rewarding 
the RMs for price realization—a proxy for 
higher margins—and not solely for the 
amount of business they write, the bank 
gives RMs an incentive to trust and imple- 
ment the guidance from the new tools. 

 
This approach shifts the emphasis toward 
what clients are willing to pay and away 
from field discretion that is informed in 
large part by competitors’ prices or by per- 
ceived price elasticity. (See Exhibit 2.) The 
tool that supports this approach allows the 
RMs to set prices dynamically. Similar cli- 
ents in similar situations pay similar prices, 
and each client’s price point has a clear and 
defensible rationale. 

The implementation of a more data-driven 
pricing system thus makes pricing fairer 
and more transparent, but not necessarily 
higher. In general, the vast majority of 
prices move higher after implementation of 
the new tool, but some prices stay the same, 
either for strategic reasons or be- cause the 
prices were already fair. The few cases in 
which clients’ previous prices were too high 
helped expose situations where the bank 
faced potential challenges with client 
retention. The new system also offers banks 
a better mechanism to raise prices. Rather 
than pursuing an across-the-board price 
increase, institutions can now optimize 
prices client by client. 

 
 

Logic and Transparency 
Overcome Resistance 
The three beliefs noted at the outset are 
universal, not specific to any country or re- 
gion. With one client based in Asia, we ob- 
served a strong belief that midsize and large 
companies in its region are so price 
sensitive that any attempts to change or 
raise prices would cause substantial attri- 
tion. Our analysis and field observation re- 
vealed that this insecurity among RMs was 
unfounded and that the resulting steep dis- 
counts were unnecessary. Given the volatili- 
ty of rates in the region, the bank’s clients 
were well aware that they had received bar- 
gain rates. Modest, well-communicated rate 

 

 

Source: BCG analysis. 
Note: RWA = Risk-weighted assets; RoRWA = Return on risk-weighted assets.
1Adjusted for client and RM discretionary discounts. 
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Exhibit 2 | The Pricing Tool’s Logic Is Based on RoRWA Plus AdjustmentsFigure 2: The Pricing Tool’s Logic is Based on RoRWA Plus Adjustments
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Behavioural Pricing:  
Instrument for Revenue Growth

by Arjen Brasz and Frank Kroeze

The use of behavioural pricing tactics 
to influence customer buying behav-
iour is not a new phenomenon, but it 
is being increasingly implemented by 
traditional B2C and B2B companies 
in recent years. In this article, the au-
thors identify and examine three spe-
cific opportunities for pricers to em-
ploy behavioural pricing tactics. Arjen 
Brasz (arjen.brasz@simon-kucher.com) 
is a Senior Director at Simon-Kucher & Partners in Amsterdam. Frank Kroeze (frank.
kroeze@simon-kucher.com) is a Consultant at Simon-Kucher & Partners in Amsterdam. 

Frank Kroeze

W 
hen was the last time you 
visited Starbucks? Chanc-
es are you did not opt for 
the small coffee, but rather 

bought a medium or large coffee. What did 
you buy at McDonalds last time you went 
through the McDrive? Did you choose the 
entire burger menu or only a single burger? 
Your choices may have been influenced by 
what we call behavioural pricing tactics.

The use of behavioural pricing tactics 
to influence customer buying behaviour is 
not a new phenomenon but we see it being 
used increasingly by traditional B2C and 
B2B companies. In this article, we identify 
and examine three specific opportunities 
in behavioural pricing tactics:

1. Maximize willingness-to-pay by dif-
ferentiating pricing based on cus-
tomer value perception

2. Simplify portfolios and use price 
laddering to guide customers to 
more valuable products

3. Understand what combination of 
products are bought and use bun-
dling to increase cross-sell

1. Maximize willingness-to-pay by 
differentiating pricing based on  
customer value perception

In a rapidly digitalizing world, the 
amount of customer and transaction data 
available is growing. There is potential to 
know so much about our customers, but to 
unlock the insights can be a challenge due 

the sheer amount of data and data qual-
ity. Based on the data-derived customer 
insights, companies can determine what 
the demand is for certain product varia-
tions and use it as input for pricing tac-
tics. For example, Kindle’s e-reader cov-
ers were differentiated in price by color; a 
black cover is more expensive than a pink 
cover, since customers were willing to pay 
more. However, it is important to ensure 
that price differences between product 
variations are explainable and that pric-
ing tactics do not lead to unacceptable 
price discrimination. When a ticket agen-
cy showed higher prices to consumers 
who were using a Mac versus consumers 
who were using a PC (and when this be-
came known), there was significant back-
lash from the public.

2. Simplify portfolios and use price 
laddering to guide customers to more 
valuable products

In a world where information is just one 
mouse-click away, it is easy for custom-
ers to be overloaded by options leading 
to choice paralysis. Whereas Dell revolu-
tionised the PC market through mass cus-
tomisation in the 90s by providing a myriad 
of ‘build-your-own’ options, today lap-
top brands offer more simplified product 
line ups with limited customizable options 
which are much easier to comprehend. 
This enables more effective influencing of 
the customer through the choice process.

To stay with the PC example, by charg-
ing only a slightly higher price for, for ex-
ample, a 13-inch laptop with 12-hour bat-
tery life over a 13-inch laptop with 8-hour 
battery life (with other features the same), 
the consumer is enticed to buy the 12-hour 
battery laptop. By then including a laptop 
with a 12-hour battery life and a 17-inch 
screen, customers can feel that they are 
getting even more value for their money. To 
emphasize, this optimally works with a lim-
ited range of pre-defined product configu-
rations and customization options.

3. Understand what combination of 
products are bought and use bun-
dling to increase cross-sell

Traditionally, bundling was used in the 
food industry to create meals, e.g. fast 
food chains combining a burger, a por-
tion of fries and a soda in a burger menu. 
Whereas the stand-alone prices for the 
products could be respectively €3, €2 and 
€1, the price of the menu (bundle) would 
be only €5. This nudges customers to-
wards to a higher price point (€5 < €6). 
Bundling, long used in the B2C industry, 
is increasingly being used in the B2B en-
vironment as well.

General Electric (GE) is a good exam-
ple. GE converted its business model from 
selling individual pieces of medical equip-
ment (e.g. X-rays, Electrocardiographs and 
MRIs) to selling entire floor bundles. A floor 
bundle contains all equipment a floor or 
division in a hospital needs. This means 
that, for instance, for the radiological divi-
sion all equipment (equivalent of the burg-
er, fries and soda in example above) is of-
fered in one offering with one price. On the 
one hand, this business model provides a 
clear proposition towards hospitals. On 
the other hand, GE can exploit willingness 
to pay and increase cross selling.

How will you take advantage of the op-
portunities that behavioural pricing tactics 
provide? Will you use your customer and 
market data to assess and evaluate your 
strategy for version pricing? Or will you try 
to influence customers by using price lad-
dering or bundling? v

Arjen Brasz
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Machine Learning for the Masses:  
Regression Analysis 

Machine learning and artificial intelligence have become very 
popular topics in the pricing community. However, many per-
ceive these tools as overly complex and not practical to im-
plement quickly into their existing processes. In this article, 
the author presents a machine learning technique called re-
gression analysis and demonstrates simple applications that 
can be readily employed by pricers in any industry. Nathan 
L. Phipps is a Consultant at Wiglaf Pricing. He is responsible 
for the training preparation and conjoint analysis that sup-
ports pricing projects for Wiglaf clients. He can be reached 
at nphipps@wiglafpricing.com. by Nathan  

L. Phipps

M
achine learning has become 
a very popular topic in recent 
years. However, I fear that most 
people hear “machine learn-

ing” and assume that it must be a very 
difficult topic to understand. After all, ma-
chine learning is a subfield of artificial in-
telligence, so machine learning must be 
complex. On the contrary, some machine 
learning techniques are easy to under-
stand, and they can be easily implement-
ed in data analysis.

Today, I am going to discuss a machine 
learning technique known as regression 
analysis, and I aim to show how it is ac-
cessible to the masses.

There are many types of regression 
analysis. To keep things simple, I am go-
ing to review an example of simple linear 
regression. Simple linear regression looks 
for the relationship between a single in-
dependent variable and a single depen-
dent variable.

Combining Exploratory Data  
Analysis and Regression Analysis

A friend recently asked me what exact-
ly it is that I do for work. Wishing to spare 
her the technical details of a typical pricing 
workday, I summarized, “I look for patterns 
in data.” I realized that my response is ac-
tually a good summary of exploratory data 
analysis: looking for patterns in your data 
and teasing out relationships. Exploratory 
data analysis is a way to glean insight from 
your dataset, usually using visualizations.

A typical pricing project begins with ex-

ploratory data analysis – with visualizing 
the data. An important data visualization 
tool is the scatterplot. Typically, a scatter-
plot visualizes two variables at a time, one 
on the x-axis and one on the y-axis.

A scatterplot can quickly show a rela-
tionship (or lack of relationship) between 
two separate variables in your dataset. 
Likewise, regression analysis allows you to 
model the relationship between different 
variables in your dataset. I’m going to re-

view aspects of both exploratory data anal-
ysis and regression analysis for this article.

Height vs. Weight
Determining the relationship of height 

and weight is a very common simple linear 
regression exercise, so I will use that for my 
example. If you wish to follow along, you 
can access the dataset I used from Kaggle.

First, I filtered the list to only males so 
that I can focus on the relationship be-
tween height and weight for a single sex. 
Second, I graphed the data in a scatter-
plot, with height on the x-axis and weight 
on the y-axis. After shrinking the size of 
my markers and adjusting the axis ranges, 
I have the scatterplot shown in Figure 1.

Generally, you want the independent 
variable on the x-axis and the dependent 
variable on the y-axis. But how do you 
know which variable is your independent 
and which is your dependent?

One way to think about it is to determine 
which variable changes in response to the 
other. Your independent variable is the in-

Ø CONTINUED, next page Ø

Determining the relationship of height and weight is a very common simple linear regression 
exercise, so I will use that for my example. If you wish to follow along, you can access the dataset I 
used from Kaggle here. 

First, I filtered the list to only males so that I can focus on the relationship between height and 
weight for a single sex. Second, I graphed the data in a scatterplot, with height on the x-axis and 
weight on the y-axis. After shrinking the size of my markers and adjusting the axis ranges, I have the 
scatterplot shown below. 

 
  

Generally, you want the independent variable on the x-axis and the dependent variable on the y-
axis. But how do you know which variable is your independent and which is your dependent? 

One way to think about it is to determine which variable changes in response to the other. Your 
independent variable is the input that you manipulate, and your dependent variable is what 
changes as a result. For height and weight, you can see that adjusting someone’s height would 
result in a change in weight. However, the converse is not necessarily true: adjusting someone’s 
weight would not result in a change in height. Thus, the independent variable is height, and the 
dependent variable is weight. Weight changes in response to height, but not the other way around. 

Figure 1
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put that you manipulate, and your depen-
dent variable is what changes as a result. 

For height and weight, you can see that 
adjusting someone’s height would result in 
a change in weight. However, the converse 
is not necessarily true: adjusting some-
one’s weight would not result in a change 
in height. Thus, the independent variable 
is height, and the dependent variable is 
weight. Weight changes in response to 
height, but not the other way around.

Naturally, pricing professionals will 
more than likely want to see a price on the 
y-axis and some other marketing variable 
on the x-axis. For instance, you may want 
to see what happens to price as the rev-
enue of a transaction increases, or per-
haps you are curious whether the price 
is impacted by the annual revenue of the 
customer purchasing.

Regression Analysis
Scatterplots help to give you an intuitive 

feel for your data and any relationships that 
may exist. It is very clear from the scatter-
plot above that there is a strong relation-
ship between height and weight. It appears 
that an increase in height results in an in-
crease in weight, on average.

But by how many pounds does weight 
increase for each inch that height increas-
es? Unfortunately, a scatterplot alone does 
not provide you with that level of detail. 
However, a regression analysis will.

Regression analysis is a common tech-
nique that is easily accessed in many sta-
tistical packages. The basic idea is that a 
regression analysis finds the line of best 
fit for the dataset. This regression line 
shows how your two variables are relat-
ed, on average.

In Microsoft Excel (which I used to cre-
ate these charts), adding the regression 
line for a simple linear regression is as 
simple as selecting your scatterplot, go-

ing to “add chart element”, and select-
ing “add trendline.” You can also choose 
to add the formula for the regression line, 
which I have.

(Microsoft Excel also allows you to com-
plete a regression analysis using the Anal-
ysis ToolPak. This will give you additional 
statistics to help you determine how strong 
the fit is, in addition to the regression line 
above. Detailing that option is beyond the 
scope of this article. However, you can find 
detailed instructions in the book.)

The red line in Figure 2 on the scatter-
plot is the regression line. This shows the 
relationship of weight to height, on aver-
age. 

The formula for the regression line pro-
vides us with the slope and y-intercept. We 
can see that each 1-inch change in height 

is associated with a 6-pound change in 
weight.

Parting Thoughts
I should remind the reader that for this 

analysis, I only reviewed linear regression. 
You should note that this method will not 
work if you are dealing with a non-linear 
curve (i.e., if the regression line is not best 
described by a straight line).

However, as you can see, simple linear 
regression is a machine learning technique 
that is very easy to implement, even if you 
are using Microsoft Excel. Combine it with 
a simple scatterplot, and you have a sim-
ple and yet powerful tool for data analysis.

So, don’t fear machine learning. Em-
brace it! v

 
  

The red line on the scatterplot is the regression line. This shows the relationship of weight to height, 
on average. The formula for the regression line provides us with the slope and y-intercept. We can 
see that each 1-inch change in height is associated with a 6-pound change in weight. 

Parting Thoughts 
I should remind the reader that for this analysis, I only reviewed linear regression. You should note 
that this method will not work if you are dealing with a non-linear curve (i.e., if the regression line is 
not best described by a straight line). 

However, as you can see, simple linear regression is a machine learning technique that is very easy 
to implement, even if you are using Microsoft Excel. Combine it with a simple scatterplot, and you 
have a simple and yet powerful tool for data analysis. 

So, don’t fear machine learning. Embrace it! 

 

Figure 2
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