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V
erner Vinge, a Sci-fi author 
and retired mathematics pro-
fessor, along with Ray Kurz-
well, a futurist, predict a sin-

gularity in 2045 – where machines 
will surpass humans in intelligence. 
Thomas H. Davenport of Babson Col-
lege declared “Data Scientist: The 
Sexiest Job of the 21st Century” in 
Harvard Business Review as early 
as 2012. The wisdom of crowds, ma-
chine learning, and cloud computing 
are all trending.

What does this mean for pricing?
Sci-fi and futurists bring a certain 

value to society in driving us to imagine 
possibilities and explore ethical ques-
tions, yet not everything they imag-
ine becomes reality. At some point, 
we must separate hype from reali-
ty. Concurrently, we can also reduce 
confusion created by terms like “data 

scientist,” “wisdom of crowds,” and 
“machine learning” with clarity and 
plain language.

When we do this, it is clear that 
pricing is trending, and pricing profes-
sionals have a bright future.

Singularity? No.
With respect to the impending ma-

chine singularity, a consensus is co-
alescing: there will be no singularity 
and it was, in fact, the wrong men-
tal model. Ken Goldberg, UC Berke-
ley Professor of Industrial Engineering 
and Operations Research, suggests 
the right mental model is one of mul-
tiplicity, where humans and machines 
work together to address important 
questions.

This drives a major shift in thinking 
and anticipated outcomes: singularity 
implies a disruption in human-machine 
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relationships, where machines can over-
take humans, and therefore companies can 
operate without employees. Multiplicity 
provides a more accurate continuation of 
the current trajectory where humans use 
machines as tools to improve performance, 
and human resources will still be required.

On strategic challenges, experience 
has repeatedly demonstrated that people 
working with machine learning are able 
to outperform either people alone or ma-
chines learning alone. Furthermore, while 
there have been major advances in ma-
chine learning, many argue that comput-
ers are not getting significantly better at 
creativity, design, or innovation.

The dystopian future of people being re-
placed by computers is not a future real-
ity – it is a just frightening hype (and good 
drama for Westworld fans). Instead, we are 
looking at a future where people and com-
puting work symbiotically to drive results.

The multiplicity paradigm matches the 
reality of a pricing professional. Though we 
use tools and models to inform pricing de-
cisions, the decisions firmly remain under 
human control at firms where individuals 
outperform their peers. Moreover, pricing 
professionals don’t expect a single form 
of analysis to be applied across all indus-
tries, all firms within an industry, or even all 
pricing challenges within a firm. Rather, we 
use the power of multiple forms of analy-
sis and collaborative managerial insight to 
drive better pricing decisions.

Machine Learning? Yes and …
Similarly, there has been much pub-

lished, often in confusing hype, about the 
value of machine learning—but what is ma-
chine learning? Let’s add a little clarity to 
these terms starting with machine learning.

Machine learning in pricing has been 

described by Software Advice, a review 
site for software buyers, as:

1. Gathering data for machine training
2. Choosing an algorithm to use 

against the training data to drive 
price predictions

3. Training the price optimization 
model

4. Tweaking the algorithm
5. Optimizing prices
6. Creating a feedback loop to cap-

ture new data and continuously im-
prove the model

Nice, but what does it mean to some-
one who hasn’t studied computer science? 
That is, what is machine learning as ap-
plied to pricing in plain English? Let me 
offer a translation:

1. Gathering data for machine train-
ing: For a historical price performance 
analysis, this means getting historical data 
about transactions. If you like, think of it as 
a set of line-item sales data that includes 
aspects about the sale (timing, customer, 
location, customer segment, salesperson, 
etc.), often pulled from an ERP system. 
This is nothing new. In pricing, two-year 
data pulls are common and have been 
used for the past 20 years to drive pric-
ing analysis.

2. Choosing an algorithm to use 
against the training data to drive price 
predictions: This sounds daunting for it 
has the term “algorithm” in it. Algorithm 
is computer-ease for what I usually call a 
“rule” or “model.” For competitive pricing, 
an algorithm could be as simple as “Find 
the price at a competitor and match it.” 
For pricing and machine learning, a ba-
sic algorithm to be examined is the impact 
of a prices on units sold. We get fancier 
with our algorithm when we examine the 
role of the salesperson, the customer, the 

overall sales to that 
customer, and other 
factors in our anal-
ysis. And some in-
dustries have their 
own models, such 
as hospitality, air-
l ines, and rental 
cars. In all cases, 
one assumes a rule: 
that the change in 
an input factor im-
pacts the price that 
is or can be cap-
tured. In an Artifi-
cial Intelligence (AI) 

approach, one can use any and all of the 
fields in the historical data set to see if it 
has an impact on prices and sales. Again, 
pricing professionals have been doing this 
for decades.

3. Training the price optimization 
model: Ok, this sounds like a job for a ma-
jor piece of software yet is it? What they 
mean is to use the data against the algo-
rithm to find the parameters that enable 
the algorithm to predict reality. For much 
of pricing, this means regression analysis. 
For some of pricing, this might require a 
T-test, F-Test, Chi-Squared, or even clus-
ter analysis. If it sounds like statistics, it’s 
because it largely is. In most cases, this 
step can be done in excel or with off-the-
shelf statistical software, yet I am aware 
of cases where more specialized soft-
ware is needed.

4. Tweaking the algorithm: You’ve 
done your regression and you now have a 
function that takes inputs and predicts an 
output, like price is used to predict units 
sold. But is that function accurate? This 
is where tweaking comes in. If you recall 
from your statistics class, R-Squared is a 
measure of how much of the variation in 
the independent variable is predicted ac-
curately by the dependent variables giv-
en the regression results. What tweaking 
means is adding and subtracting indepen-
dent variables until you are satisfied with 
the quality of the model.

5. Optimizing prices: Once you ac-
cept the model (algorithm), then you can 
use that model to predict the price which 
leads to the highest profitability. This 
should be familiar to everyone in pricing.

6. Creating a feedback loop to cap-
ture new data and continuously im-
prove the model: Lather, rinse, repeat 
says the shampoo bottle. As with sham-
pooing, one should refresh the model pe-
riodically, or at least once a year during the 
annual price review.

If this sounds familiar to pricing profes-
sionals, it’s because it is. We have been 
and will continue to do machine learning. 
We just called it applied statistics or pric-
ing analysis.

There are other forms and applications 
of machine learning. Probing a little deep-
er into these other forms reveals that most 
are based in statistics. Machine learning 
for classification may rely on t-tests or log-
it regression. Clustering should be famil-
iar to anyone thinking of market segmen-
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tation. Density estimation is an application 
of histograms and sometimes fitting data 
to normal-curve(s). And dimensionality re-
duction has been used in pricing market 
research to reduce individual customer 
interview results, and map them into key 
concerns as stated by the overall market. 
Pretty familiar.

Data Science? Yes, Statistical  
Modeling is Good

In fact, C.F. Jeff Wu, Professor in En-
gineering Statistics at Georgia Institute of 
Technology and major promoter of the term 
“Data Science,” has himself spoken about 
the fact that data science is really just sta-
tistics, albeit wrapped in a sexier term.

Hence, if you have studied market re-
search, sociology, economics, or a wide 
variety of other fields that rely upon sta-
tistics, you can legitimately call yourself a 
data scientist if you like. And if you have 
ever used regression to create a predic-
tive model, or simply to examine the impact 
of prices on sales volume, you have done 
machine learning and are a data scientist.

Or you can just say you do statistics 
and price stuff.

Wisdom of Crowds and Cloud  
Computing? Yes and …

If machine learning and data science 
are just new terms for applied statistics 
and statistical modeling, then what about 
the Wisdom of Crowds and Cloud Com-
puting? Are these just hype too?

No, they are not just hype. These are 
long-term market trends.

For most industrial markets, the data-
sets are relatively small. It would be com-
mon to use a dataset with less than ten 
thousand transactions and less than 100 

fields to describe each transaction at a 
business in a business-to-business mar-
ket. This may sound like a lot, but it is ac-
tually rather small and definitely manage-
able with MS Excel.

In contrast, analytics (machine learning 
if you like) in consumer markets routinely 
deals with tens of billions of events with 
thousands of independent variables for 
each event. This yields a 
dataset several orders of 
magnitude greater than 
what desktop software 
can manage.

Hence, the rise of 
cloud computing, where 
specialized software for 
managing machine learn-
ing tasks can be devel-
oped and sold in an economically effi-
cient manner, and the rise of the wisdom 
of crowds, for capturing that amount of 
data wasn’t economically viable three de-
cades ago.

But notice this definition of the wisdom 
of crowds does not imply groups of peo-
ple are always smarter or wiser than indi-
viduals.  Polls are often wrong and popu-
lar beliefs are found to be incorrect. And 
it doesn’t mean everything is going to the 
cloud. Some computing is more efficient-
ly done locally than remotely. They are just 
terms to highlight a current market trend.

Bottom Line: Beyond the Hype and 
Obfuscation, Pricing is On Trend

So yes, there is a lot of hype. Some of it 
seems to confuse rather than clarify.

A common sentiment in science is that 
those that don’t know attempt to obfuscate 
with hyperbole, terminology, and acronyms 
while those that do know can explain it in 

simple terms. “If you can’t explain some-
thing in simple terms, you don’t under-
stand it” is an old quip in physics. “KISS,” 
or Keep It Simple Stupid, is its parallel for 
sales and marketing.

But what did you expect? The hype 
spewing out of Silicon Valley and its ilk is 
only dwarfed by the egos of those work-
ing there.

And yet there is also a bit of reality in 
the claims:

• Machine Learning is a yes, and 
most people currently know this 
best as applied statistics.

• Data Science is also a yes, and 
most people currently know this 
best as statistical modeling.

• Wisdom of Crowds is, in part, also 
a yes and a good description of a 
market trend.

• Cloud Computing is, in part, also 
a yes and a good description of a 
market trend.

• But Singularity is a strong NO. 
Wrong mental model. Go for multi-
plicity if you want a highfalutin term 
for the better paradigm.

Pricing professionals swim in these 
waters and are therefore on trend. But 
let’s stick with reality and leave the hype 
to – well, the braggadocios. Humility is 
sexier. v
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P
ricing transformations are a 

hot topic. People have been 

preaching to CEOs, CFOs, 

CMOs, and CCOs for years 

that a 1% improvement in price can 

lead to 8 to 13% improvement in prof-

its. Even better, experience has shown 

that 1% improvement is a low-estimate 

of the expected outcome of a pricing 

transformation. Pricing transforma-

tion efforts routinely deliver two ad-

ditional margin points, and have been 

observed to deliver an additional 9% 

to margins. But where is the origin of 

these improvements, and how do com-

panies get this improvement?

Pricing Transformation is a Trans-

formation in Decision Making

At its core, pricing transformations 

is about transforming how organiza-

tions make decisions regarding pric-

ing. It is a transformation of the pro-

cesses used in pricing, the people 

engaged in pricing decisions, the in-

formation applied to pricing decisions, 

and the goals of those pricing deci-

sions. It is an organizational structur-

al change to align with the corporate 

strategy and goals.

A wide variety of coordinated profit-

focused decisions are required to drive 

a strong pricing transformation. These 

profit-oriented decisions will coordi-

nate list prices, target prices, commer-

cial policy, tactical price management, 

and sales-incentives towards more ac-

curate pricing.
It isn’t a single decision nor single 

process that delivers the improve-

ment, but rather the coordinated ef-

fort across many decision points, pro-

cesses, and routines to ensure pricing 
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How to Quantify  
Intangible Customer Value

In this article, the author presents strategies for quantifying in-
tangible customer value and presents a practical example of 
a so-called intangible value driver. The hope is that any pric-
er reading this can adapt the strategies and example to their 
own business and use them for better strategic decision mak-
ing, messaging or more productive customer discussions. Ed 
Arnold is VP, Products at LeveragePoint. He can be reached at 
earnold@leveragepoint.com.

by Ed Arnold

“H
ow do you quantify intangi-
ble value?” is a question I 
get asked a lot. Although I 
enjoy answering that ques-

tion, I instinctively dislike how it’s framed 
because it implies that value is divided into 
two categories: hard, scientific fact versus 
fuzzy, made-up stuff. And further, that any 
intangible value is strongly suspected to 
be in the second category unless proven 
otherwise. This hardcore quant bias I re-
fer to as the “scientific” mindset.

Likewise, accountants have a strict, 
no-nonsense view of intangible value. Ac-
countants define an “intangible asset” as 
anything that has no physical presence. 
This is used to describe things like brand, 
goodwill and trademarks. Accounting rules 
dictate that the value of an intangible as-
set is quantified only when it is sold, not 
created. Therefore, nobody truly knows 
the value of the Apple brand until the day 
another company buys the rights to use it.

Think Value Like a Customer
So, when I’m asked that “how-to” ques-

tion, my first response is: Don’t think like 
a scientist or an accountant!  Neither per-
spective helps a product manager make 
profitable strategy decisions, nor helps 
a marketing manager create meaningful 
messaging, nor moves a prospective cus-
tomer toward a purchase decision.

Who should you think like? Your cus-
tomer, of course!

Value isn’t binary to them. Customers 
perceive value as a continuum that stretch-
es from the plainly obvious, to less obvious 
yet understandable reasons, and perhaps 

extending out to subtle gut feelings. At one 
end is the most obvious form of custom-
er value: the discount or rebate. Charge 
your customer less than what they usually 
spend and they’ll immediately recognize 
the difference as “value” – more money 
in the customer’s pocket after the trans-
action. It doesn’t get more obvious than 
that! Which is why discounting often ends 
up being the pricing tactic of last resort.

True fans of value frown upon habitu-
al price discounting and instead focus on 
lower cost of ownership. In other words, 
not more money in the customer’s pocket 
at the time of purchase, but instead later 
down the road with other expenditures. An 
easy example is “reduced energy costs” 
as in “buy our solution and you’ll see your 
heating bills decrease X% in the first year.” 
Even scientists and accountants can agree 
that’s a legitimate, tangible value claim be-
cause it could be easily validated by tab-
ulating and comparing past versus future 
energy bills.

Fair enough. But how do you address 
the original question of quantifying in-
tangible value? After all, no company 
has ever gotten an invoice for “good-
will” or “brand reputation.” Is this where 
quantifiable value comes to a dead end? 
No way! I’ll go even further and claim 
that nearly every product differentiator 
can be quantified if you take the time 
and effort to measure it. Of course, that 
doesn’t mean that it is always worth mea-
suring, but it is possible. Any responsible 
product manager should at least give it an 
hour or two of thoughtful effort.

A Practical Example of  
“Intangible Value”

Following is a practical example of a so-
called intangible value driver. The hope is 
that any pricer reading this can adapt this 
example to their own business and use it 
for better strategic decision making, mes-
saging or more productive customer dis-
cussions.

Example: downtime.
All businesses realize that disruptions 

cost money. The particular terminology var-
ies by industry. For example, “downtime” 
is commonly used in manufacturing to de-
scribe a stopped assembly line. NPT (non-
productive time) is a term used in the oil 
and gas industry to describe a non-func-
tioning well. Other types of businesses 
may refer to this as “lost productivity,” say 
for example, an IT network failure for a ser-
vices business.

Sometimes disruptions are anticipated, 
such as the case with scheduled mainte-
nance for machinery or vehicles. In prac-
tice, I usually like to focus more attention 
on unscheduled downtime because this is 
where you can uncover a lot of potential 
customer value. Here you have two basic 
quantification approaches – cost impact 
versus revenue impact.

The Cost Impact of Downtime
This approach requires adding up all the 

costs incurred during the downtime peri-
od. First on the list is the direct cost (e.g. 
unscheduled repairs) to put things back in 
order. Next is to calculate the cost of the 
lost productivity. The logic is that the busi-
ness is still spending money for resources 
even when the production line grinds to a 
halt. This typically includes the fully-load-
ed cost of the associated labor force – re-
gardless of whether they are just waiting 
around for work to start again. Recently, 
observers used a similar method to cal-
culate the loss of productivity caused by 
the 2017 solar eclipse in the US.  

Aside from the repair and direct labor 
costs, other fixed operating costs should 
also be included. In this bucket are re-
sources like utilities (e.g., lights, heating/
air conditioning) and rent that still need to 
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be paid for during the disruption period. 
There can even be additional costs asso-
ciated with dealing with the aftermath of 
the disruption including expedited delivery 
costs, late penalties, overtime, etc.

Factoring all this in, an estimated cost of 
downtime – often stated per hour – can be 
a sobering number indeed. In many cases 
the customer may only have a rough idea 
of what downtime is costing them, but by 
breaking it down and quantifying it, you 
suddenly make the intangible very real, 
especially if the customer suffers from 
more than a few hours of lost productivity 
over the course of a year. It doesn’t matter 
whether your initial assumptions about la-
bor rates and other costs are inaccurate. A 
good reasonable estimate based on input 
from marketing and sales teams is enough 
to be used in preliminary customer tests. 
You just want something to get the cus-
tomer to react to – “that’s too high or that’s 
too low!” It’s more important to validate the 
logic. Just getting customer agreement 
on the soundness of the logic behind the 
quantification is a huge value selling win.

Please note: the one assumption where 
you do need to have credible proof is your 
offer’s differentiation. If you claim to cut a 
customer’s downtime in half be prepared 
to back that claim up with evidence from 
case studies or customer testimonials.

The Revenue Impact of Downtime
An alternate approach to quantifying 

downtime is to estimate the amount of lost 
revenue during the downtime period. The 
key assumption here is that the lost sales 
cannot be made up.  The math here is very 
straightforward: the amount of lost sales 
(number of units) times the average sell-
ing price. Then multiple that by the per-
cent margin.  Note that even though this 
is called a revenue value driver, it is more 
justifiable to quantify it on a margin basis, 

though it is not that unusual to show it en-
tirely at top-line revenue gain. Ultimately it 
is the audience (i.e., customer) who de-
cides what is appropriate. Likewise, in de-
ciding what type of margin to use: gross, 
operating, contribution etc. Operating 
margins are usually easiest to look up by 
industry or by specific company (especial-
ly publicly-traded companies). Again, you 
only need reasonable assumptions to de-
velop a straw-man case to begin the con-
versation.

Just like with the cost approach, it is 
essential to have solid proof-points about 
your differentiation.

Should You Do Both?
For most situations it’s a question of 

choosing one method (cost versus reve-
nue) to avoid double-counting. One factor 
to consider when deciding is who the po-
tential audience is and whether their per-
sonal KPI’s (key performance indicators) 

are more cost versus revenue-oriented. 
For example, brand owners, marketers, 
and sales stakeholders find revenue value 
drivers more relevant. Operations-minded 
stakeholders likewise gravitate toward cost 
value drivers.

Flip it Positive: Productivity Gains
Another variation of the reduce down-

time value driver is its polar opposite: in-
crease efficiency. Rather than framing 
downtime as a loss to be minimized, you 
frame it as an opportunity to increase out-
put without any additional investment in 
capacity. In labor-intensive or services in-
dustries, you can more easily justify quan-
tifying the gain on a full revenue (not mar-
gin) basis, since the incremental cost of 
each unit is small. As you can imagine, this 
can create an impressive amount of cus-
tomer value. v
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Digital Pill Excitement:  
Do Payers Share the Same Sentiment? 

by Julia Ehrhardt, Mike Zhu, 
Seth Jorde and Scott Heim

In this article, the authors examine a re-
cently introduced and highly innovative 
healthcare product and address signifi-
cant questions about its pricing poten-
tial. Although this article is specific to 
current events in the healthcare indus-
try, it provides valuable insight for pric-
ers who are pricing innovations or new 
products in multiple market sectors. Ju-
lia Ehrhardt (Julia.Ehrhardt@simon-kucher.com) is a Director, Mike Zhu (Mike.Zhu@simon-kucher.com) is a Senior Consultant, Seth 
Jorde (Seth.Jorde@simon-kucher.com) is a Consultant, and Scott Heim (Scott.Heim@simon-kucher.com) is a Consultant at Simon 
Kucher & Partners.

Scott Heim 

T
he US FDA recently approved the 
first digital medicine system, which 
uses a sensor in the pill to track 
when patients take medications. 

This “digital pill” provides family members 
and care teams with information on patient 
adherence patterns. 

Media buzz surrounding the approval 
of the system has begun to pick up steam 
as it marks the first time a pharmaceuti-
cal integrating technology was approved. 
The extensive press coverage indicates 
that many are enthusiastic about the po-
tential of digital pills, but the question re-
mains if health insurance providers share 
the same excitement. We recently checked 
in with payers from a few countries around 
the world to gauge expectations for this 
new innovation.

“We have been waiting for digital 
pills to be approved for a while as the 
technology has been ready.”

– French CEPS expert

None of the payers approached in this 
study, not even those from the United 
States, have discussed this new offering 
at an organizational level. However, payers 
are generally aware of the FDA’s approval 
and many have put individual thought into 
how they expect to approach management 
of digital pills. 

Currently, the digital medicine is only 

approved for use by the FDA, yet multiple 
individuals in the European Union and Ja-
pan are aware of the innovation. Across all 
markets, payers are intrigued by the po-
tential of digital pills, but require additional 
data to support rewarding the innovation.

“Digital pills will add the most value in 
indications that decrease hospitaliza-
tions. That is our biggest cost driver.”

– U.S. payer

The developing company’s CEO stated 
in an interview with MobiHealthNews that 
digital pills create a “window of opportu-
nity for innovation that leverages the en-
tire library of drugs that already have been 
discovered.” While optimistic, this state-
ment underlines a key point that the tech-
nology is primed to enhance adherence 
for existing drugs across a wide range of 
indications. 

When probed for which indications pay-
ers believe digital pills could provide the 
greatest impact, payers commonly stated 
both diabetes and transplant immunology 
(see Figure 1).

Drugs for these indications have two 
characteristics in common. First, they re-
quire regular usage, often multiple times 
per day, to be effective. Second, when pa-
tients miss doses, they frequently end up 
in the hospital ER, or even the ICU. Thus, 
it is clear that digital pills will derive their 

highest value in indications where adher-
ence is paramount, and where the conse-
quences of non-adherence are most dire.

“Will it matter if someone takes 
the pill for one year and they have 
improved adherence? I also want to 
see the clinical or economic benefit of 
that improvement.”

– U.S. payer

Intuitively, digital pills appear to be an 
obvious benefit to payers. According to 
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a review in the Annals of Internal Medi-
cine, medication non-adherence results 
in $100-$289 billion in additional annual 
cost to the U.S. healthcare system. How-
ever, payers require clear evidence dem-
onstrating the benefits of digital pills in or-
der to reward the innovation. 

For a subset of payers, a significant ad-
herence improvement is enough to dem-
onstrate value. This may prove difficult to 
achieve in a clinical trial setting, where ad-
herence rates tend to be much higher than 
in the real world. That said, for most pay-
ers, adherence improvement is not enough 
to reward digital pills since they question 

whether adherence improvement trans-
lates into improved outcomes — which is 
what they really care about. 

Instead, these payers require an im-
provement in clinical outcomes (e.g., re-
duction in cardiac events) or a reduction 
in healthcare resource utilization (e.g., re-
duction in hospitalizations). See Figure 2.

In this case, this could mean reduced 
hospitalizations or fewer ICU stays. These 
data requirements are not easy to satisfy 
and may limit the reimbursement potential 
for digital pills. 

“Digital pills can clearly be used in the 
context of performance-based con-
tracting or risk-sharing contracts.”

– French CEPS expert

Given these burdensome requirements 
from payers, there may be an opportuni-
ty to demonstrate the value of digital pills 
through innovative contracting. Continued 
advancements in data collection have giv-
en these contracts a bit of a renaissance 
in payers’ eyes. 

Payers expressed a willingness to en-
gage in innovative contracts tied to adher-
ence (for those who find adherence to be 
enough) or clinical outcomes/healthcare 
resource utilization. In such a contract, dig-
ital pills could likely achieve a price premi-

um over non-digitally enabled drugs in its 
class. However, the manufacturer would 
owe a rebate to payers should the prod-
uct fail to meet defined endpoints. 

“If [digital pills] improved outcomes or 
decreased other medical costs, we 
would embrace them. You would be 
crazy not to.”

– U.S. payer

Even if manufacturers are able to fulfill 
the significant data requirements asked 
for by payers, will payers follow through on 
their intention to reward these innovations? 
Companion diagnostics for high-cost ther-
apies may serve as a relevant analog in at-
tempting to answer this question. 

Clinical data supporting many of these 
products has enabled more targeted pre-
scribing of these high cost therapies. Yet, 
not all payers have demonstrated a willing-
ness to substantially reward companion di-
agnostics as they struggle to quantify the 
value of these innovations. 

Therefore, manufacturers should be 
skeptical of any payer promises to reward 
digital pills. Innovative contracting could be 
a solution to this dilemma by tying payers 
and manufacturers to contractual agree-
ments that force each side to hold up their 
end of the bargain. v
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Figure 2: Digital pill evidence  
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Is Elasticity the Best Tool in  
Your Arsenal? Not Always.

Elasticity can be a powerful tool in the kit of a pricer, but used 
without critical thinking, it can be a very dangerous one, rein-
forcing bad behavior and even precipitating price wars. While 
elasticity is a very useful concept, it should be utilized with care 
for three reasons, as the author explains. Richard Harrington 
is a Pricing and Value Consultant at Holden Advisors. He can 
be reached at rharrington@holdenadvisors.com.

W
hen deciding on the price to 
charge in the market, many 
companies look to price 
elasticity – how the volume 

sold changes with the price charged – 
to work towards what they hope will be a 
profit maximizing price.

While elasticity is a very useful con-
cept, it should be utilized with care for 
three reasons:
• Elasticity can be measured at both 

the market and brand level. The 
concept is most useful at the market 
level, where an increase in volume with 
a decrease in price signifies new cus-
tomers entering the market, the con-
dition needed for an elastic market. 
This happens in the growth stage of 
market development. Measured at the 
brand level, it is not clear whether in-
creased volume brought about by a 
price change is incremental to the mar-
ket or share taken from a competitor. 
If it is the latter (most likely the case 
in a mature market), lowering price 
may lead to a brief increase in volume, 
but most likely, it will elicit a price re-
sponse from competitors to drop their 
price to protect their market share. At 
best, this will reestablish equilibrium at 
a lower market price, eroding margins 
for all; at worst such a move could be-
gin a price war, irreversibly decimating 
industry profits.   

• Elasticity is, by definition, a top 
down measure, measuring the price 
response of the market. But, as Reed 
Holden likes to say “we don’t sell to 
markets, we sell to customers.” I like to 
think of it from a bottom up perspec-
tive by asking the question “why didn’t 
a certain customer buy our product or 
service?” Elasticity assumes it is due to 
a too-high price, but there can be many 
other reasons; for example:
1. Customers are not fully aware of 

who you are or what you do; this 
happens in the introduction stages 
of market entry. You need your team 
focused on adoption of the prod-
uct or service; marketing and com-
municating your value to customers 
who will derive the biggest out-
come from adopting your product.

2. Customers see adoption of your 
product as risky. If the failure of your 
product or service would cause 
major issues for the purchasing 
company and the buyer individually, 
they may stick with the status quo, 
even if the benefits of your system 
stack up well. Reducing risk, espe-
cially in early markets is a key driv-
er of adoption. Strategies include 
simplifying the product, offering to 
hold the customer’s hand through 
the implementation process with a 
full-service offer and, if possible, 

allowing the customer to trial the 
product in small amounts.

3. There are significant switching 
costs. Reducing the cost of switch-
ing by making your offering com-
patible with the system the cus-
tomer already uses, for example, 
may be a driver of adoption above 
low price.

• You need high quality data. Like any 
data-driven decision, the more data you 
have, the more confident you can be in 
the outcome. However, with pricing, you 
need to be especially careful that your 
data tells you what you think it tells you. 
For example, if some salespeople give 
more discounts than others, it may be 
that procurement demanded a discount 
and received one, even though the com-
pany would have been willing to accept 
a higher price. If this data is simply fed 
into software with no critical analysis, 
the outcome may be recommendations 
to give even more discounting authority 
to these salespeople – reinforcing this 
bad behavior. 

Elasticity can be a powerful tool in the 
kit of a pricer, but used without critical 
thinking, it can be a very dangerous one, 
reinforcing bad behavior and even precipi-
tating price wars. What is your experience 
with using elasticity analysis for decision-
making? v
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